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Abstract
Based on the lItalian Survey on Household IncomeVdedIth (SHIW) and
the German Socio-economic Panel (SOEP), we show hbasehold
consumption drops after a child moves out of a &bakl, while at the
same time, per capita consumption increases signifly. Parents
approximately upgrade their personal lifestyle aphte level of childless
peers after all children are gone and save onlynallsproportion of the
freed-up resources. Since parents had fewer resuocsave while they
were young, retirement preparedness among thermi@a serious concern

than among childless individuals.
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1. I ntroduction

The adequacy of savings rates represents a hobigtel topic in the field of household
finance. While a number of papers argue that haadehdo not save enough in order to
maintain their consumption level in retirement @&veén go as far as speaking of a “retirement
savings crisis” (Munnell et al., 2007, p. 6, or Bdai and Thaler, 2013, p. 1152), others
disagree. Scholz et al. (2006), Gale et al. (2@39)vell as Love et al. (2009) see American
households generally preparing well for retirem&grman households are even shown to be

“enthusiastic” in terms of saving (Bérsch-Supan &sdig, 2005).

The difficult question of how much wealth a houddhoeeds to meet consumption needs
during retirement has many facets, one being theabchildren. Households’ consumption
needs obviously change over time in the presencaitairen. This paper looks at the point in
time when children move out because this evenikedyl to free up financial resources.
Specifically, we analyze how parents’ savings aodsamption change after this potential
turning point. If parents use the freed up resaitoesave more and build up wealth in the
years remaining before retirement and continueotseme in a similar order of magnitude in
terms of personal consumption as before, they nwybe at risk of having inadequate
resources later in life. Furthermore, their constiompneeds may be relatively low, since they
could be accustomed to consume less than theidletdl peers from the time when the
children were still there. But if parents choosetmsume more after their children leave the
household, they may not have enough time left ttdhbup the financial resources that are

necessary to maintain the higher standard of lieifbgr retirement.

Skinner (2007, p. 69), who critically reviews thebdte, summarizes the former reasoning as

follows:



“Parents are already used to getting by on peanuttdy, given that a large
preretirement budget has been devoted to suppodiigren, so it's not difficult to
set aside enough money to keep them in peanut butbeigh retirement. By contrast,
childless households with the same income accustdémeaviar and fine wine must
set aside more assets to maintain themselves istyte to which they have become

accustomed.”

Skinner (2007) further suggests that part of tlsaglieement on retirement preparedness may
be caused by different assumptions about the copisumbehavior of parents after the kids

move out.

This paper tackles this question empirically bylgriag changes in households’ savings and
consumption behavior at and after the point in timken children move out. The time after
the move-out is critical to assess the empiric& i@ children in building up retirement

wealth, as the household is typically close toadwn income peak and changes in the

consumption/savings behavior matter most for fieitement wealth.

The analysis is based on the Italian Survey on Eloaisl Income and Wealth (SHIW) and the
German Socio-economic Panel (SOEP). To the bestioknowledge, this is the first paper

that addresses this particular issue on large septative panel datasets.

We employ fixed effects (SHIW) and random effectbit (SOEP) panel regressions to show
that parents use parts of the freed up resourdes afchild moves out to increase their
savings. At the same time, parents upgrade theicgg@ta consumption to a level around that

of childless peers.

The decrease in consumption starts approximately year after the move-out and is

significantly more pronounced for university gratisa Adding support payments to non-



resident children alleviates the reaction — esgigdiar those with a university degree. This
leads to the conclusion, that university gradudbeancially support their children more

extensively than others.

These results have implications for the practiceetitement savings advice. A reasonable
starting point for assessing the target standaidvioig of parents is current total household
consumption adjusted for the number of childrenwkler, this starting point may lead to a
severe underestimation of the target wealth atreregnt if parents plan to consume
significantly more after the kids have left. Asansequence, retirement preparedness may be

a more serious concern for parents than for theldless peers.

2. Related Literature

Our research is related to the large literaturelifeacycle theories, which goes back to
Friedman (1957) and Modigliani and Brumberg (1934)is literature typically considers a
forward looking agent with time-constant and seplratility function u(G in period t who
maximizes her consumption plan. With a constargrest rate r and a constant intertemporal
discount rate equal to r, one obtains the well-kmdinst-order condition R[u’(cy)]=u’(Ct.1)

for a given household. Households smooth marginiities, and if utility functions are
quadratic, they also smooth consumption per se.edew a large number of studies have
found only modest empirical support for consumptomoothing (see Jappelli and Pistaferri,
2010 for a recent review). In particular, consumptis not smooth but rather increases over
the typical life-cycle in the beginning and dece=asater in life (Thurow, 1969). At first
glance, consumption appears to be tracking incomeaning, the more a household earns, the

more it consumes (Carroll and Summers, 1991).



Irvine (1978) was one of the first to suggest swhe part of the observed behavior could be
due to changes in family size. Similarly, Attanastoal. (1999) argue that uncertainty with
respect to income and capital markets as well awodeaphics — in particular the number of
children — suffice to generate the “hump” in congtion. Attanasio and Browning (1995)
demonstrate the importance of family effects foplaiming the excess sensitivity of
consumption to income. In their analysis of UK Hgniixpenditure Survey (FES) data from
1970 to 1986, it virtually disappears once demadgicgare controlled for. Browning and
Ejrnaes (2009) show that household composition cédlg €xplain the hump-shape, if the

number and age of children are taken into account.

The effect of children on the optimization problesnusually modelled through a period
utility function that depends not only on consuraptibut also on family tastes (see, e.g.,
Zeldes, 1989). In order to estimate the influende cbildren empirically, additional
assumptions on the precise functional form of héwideen affect the utility of a household

are needed (see Browning and Ejrnees, 2009, faremtrexample).

Our paper focuses solely on the point in time whahiddren move out. By doing so, our
study creates empirical facts about consumptiomgés when children decide to leave the
household. This direct approach has the advantage explicit assumptions about how
children affect the utility of a household are meeded and that (in the case of fixed effect

estimation) unobserved time-invariant differencesMeen households are controlled for.

Studies investigating this particular time of chéld moving out are scarce. By calibrating and
solving a comprehensive life-cycle model, Love @0grescribes an increase in savings right
around the age at which children move out of theskbold and finish post-secondary school
as optimal behavior. He derives a “hump-shaped’soomption path similar to that observed

in other studies, with a noticeable upturn in sgsirat the age when children leave the



household. One additional interesting feature sfrhodel is a slow drawdown of wealth in
retirement, stressing the importance of bequesivemtBoth the acceleration in savings and
the lower drawdown of resources are even more proced for college graduates. Unlike
Love (2010), our empirical analysis is not baseddiie-cycle model and our interest is on
households’ consumption reactions and not theietaaiocation changes. Although our
approach differs substantially from Love (2010), @@ confirm the empirical prediction of

his model that educated households’ consumptioredees more when children move out.

Similar to our approach, Coe and Webb (2010) ewgdlsi identify households whose
children move out in a household survey (the U.&alth and Retirement Study (HRS) from
2001 to 2007). They find no significant change andurables household consumption and
consequently a sharp increase per capitaeir results are based on 2,880 observations from
833 households. While 90 of these units have daildonly 36 households report a move-out
during that period. The average parent’s age ofdtter is 60 for men and 56 for women at
the time of the children’s exit, which they acknedde to be considerably older than their
cohorts’ averages. They hypothesize that sincestimeBviduals are rather close to retirement,
they might be more responsive to the move-out eirtbhildren when it comes to finally
starting to put more money aside for retiremenbnithat perspective, their results seem to

be even more striking. However, their evidenceasedl on the elderly with a relatively low

! There is also a literature that looks directlyrmusehold expenditures in the presence of childEenlibaly
and Li (2006) and Souleles (1999) find a generalsisiwity of non-durables and in particular food
consumption to changes in the number of childrdresé results seems to be at odds with Coe and Webb
(2010). However, this literature does not dististubetween children moving in (or being born) aralimg
out. Furthermore, they use the Consumer Expend8urgey, which does not allow consistent measurémen
of children moving out for different household tgpesuch as singles or households with more than two
adults. There is also no information about nond@si children, which renders a distinction by thenber of

children and order of move-outs impossible.



number of observations. Our paper adds to theidirigs by empirically analyzing the
reaction in parents’ consumption in two represérgasamples with the whole age range
considered. The results are therefore not subgeselkection bias with respect to age that is
potentially present in the HRS data and rely oargd number of observations. As it turns
out, we find a decrease in overall and nonduralol@ssumption, while simultaneously

observing an increase of overall per capita consiomp

3. Data

We use the ltalian Survey on Household Income aeadli (SHIW) and the German Socio-
economic Panel (SOEP) to conduct our analyses.fdimeer is made available by Banca
d’ltalia, the latter by the “Deutsches Institut Mirtschaftsforschung” (DIW). The variables
of interest for our purposes are available from5L89both datasets. Since then, the SHIW
was carried out biennially except between 1995 ¥9f@B, where the gap amounted to three
years. The SOEP is an annual pam@ur data set consists of 8,185 (16,896) househnlds
Italy (Germany). The typical household stays sdwsars in the survey and each household
generates one observation in one wave, amounti2y ,&b6 (111,158) observations in Italy
(Germany). Table | summarizes our sample and iteiclne number of households that had

to be excluded from the analysis and the correspgneasons for the exclusion.

Insert Table | here

All monetary values are converted into year 20050Ewvith the consumer price index (CPI)
provided by The World Bank for the Italian data atmd Federal Statistical Office of

Germany for the German data respectively. Pre 200Retary values denominated in Italian

2 See Wagner et al. (2007) for a recent reviewthorbugh description of the SOEP.



Lire or Deutschmarks (DM) are recalculated to E{EIR) using the irrevocable conversion
rates of 1 EUR = 1,936.27 Lire = 1.95583 DM set thg European Central Bank on

December 31st, 1998.

Our main dependent variable, consumption, is themn ©af durables and non-durables
consumption in the SHIW and does not include haugixpenditure, i.e., rent or mortgage
payments, utilities or maintenance costhie SHIW consumption data has recently been used
by Bottazzi et al. (2013), Jappelli and Padula @0Krueger and Perri (2011) and Kaufmann
and Pistaferri (2009). Jappelli and Pistaferri (2&)1validate the consumption data using
national accounts data and find that the SHIW g¢atevide a reasonable approximation of
Italian households’ consumption. We make use of pleel structure of the data by

employing a fixed effects estimator to explain émpsumption in the ltalian data.

Since the SOEP does not provide consumption daecttli we infer it as the residual of

incomé and financial savingsas well as all payments to non-household-resideats or

® The consumption question explicitly rules outsénétems. While rent is asked for in a separatestipre
utilities are not collected in the SHIW questionmeai

4 By using a fixed effects estimator, we follow tteeommendations of Gormley and Matsa (forthcomiy)
how to control for unobserved heterogeneity.

®> The corresponding SOEP question reads: “If yde @ look at the total income from all members haf t
household: how high is the monthly household incdotay? Please state the net monthly income, which
means after deductions for taxes and social sgciiease include regular income such as pensonsing
allowance, child allowance, grants for higher edioca support payments, etc. If you do not know ¢lact
amount, please estimate the amount per month.” B5S@B07a, Household question form, question 51).
Appendix B and Drechsel-Grau and Schmid (2013)fglarhy this so-called “income screener” is prefde
over more detailed yearly income measurements. ddeegported income from assets, i.e. interestddivils

and rents, as these are asked separately andtarentioned in the question.



mortgage payments and utilitieBy design the question for financial savings doescover

negative amounts, i.e. drawing down wealth or takip debt to finance consumption levels
larger than the household’s income. This consstatdeft-censoring at zero of the financial
savings variable. Consequently, consumption iststgimsored at income less financial
savings and the other deductions. As we want tawcininference on the unobserved latent
consumption variable with only its censored versiming observed, we resort to a Tobit
Type | model (Tobin, 1958). Since we deal with pdateta, we employ a random effects

estimator®

Notice that both datasets have their advantagesdaatlvantages. The SOEP is a large
representative panel with 14 time periods and, \@rame, 6.6 observations per household.
The SHIW offers only eight periods and contains entbran 75 % singletons that cannot be
used in fixed effects analyses. On the other hahed, SOEP does not directly collect

consumption, forcing us to use the approximatiarcedure described above and leaving us

® The SOEP question about savings reads: “Do yaallyshave an amount of money left over at the efithe
month that you can save for larger purchases, emeygexpenses or to acquire wealth?” (SOEP, 2007a,
Household question form, question 52)

" See, e.g., Drechsel-Grau and Schmid (2013) ahdi&dt (2005) for other SOEP papers, where consompt
is constructed in a similar way.

8 See, e.g., Corneo et al. (2010), Fuchs-Schiir{@6B8) and Guariglia (2001) for examples of randsffacts
Tobit models with panel savings data. Fixed effgmgiroaches with censored data can suffer from émcéad
parameter problems (Neyman and Scott, 1948), instem$ estimation of the disturbance variance (Gege
2004), and are generally difficult to solve whee tiumber of individuals is large and the numbetirof

periods is limited.



with a right-censored measurdhe SHIW explicitly asks for consumption and ewatlows
us to look at durables and non-durables separdtél\ging both datasets gives us the
opportunity to alleviate concerns about their retipe weaknesses and provides replications

for two different countrie$:

In order to approximate per capita consumption,divéde household consumption by an
equivalence scale. Similar to Citro and Michael98R we take the sum of the number of
adults and children living in the household. Indted multiplying the number of children
with a fixed weight, we employ an age-factor thaearly grows from zero to one until the
oldest child turns 18. This hinges on the assumpiiat the age gaps between children are
narrow but it should nevertheless come as an ingmnent over simply giving children of all

ages the same weight. We assume smaller econofrseale than Citro and Michael (1995),

° This constitutes a reasonable, albeit not pedamty for consumption. A comparison of the 2008EF0wave
and the 2008 wave of the Einkommens- und Verbratichgrobe (EVS) reveals a systematic downward bias
of our measure. However, we do not find evidencéhf bias interacting with our research quest®ee
Appendix B for a detailed depiction of this comgari.

19 See Appendix C.

» The importance of replications for scientific gress in empirical economics has been pointed puhany
authors (see, e.g., Dewald et al., 1986, and Glar@@10). The topic has recently received increasedest
in the social sciences as a whole (see, e.g., Meng&t al., forthcoming, and the references théréiihe
journal “Perspectives on Psychological Science”éa introduced the “Registered Replication Rémsta
new article type “which will consist of multi-labhigh-quality replications of important psychology
experiments along with comments by the authors & toriginal studies” (quote from
http://www.psychologicalscience.org/index.php/regtion, last accessed on November 18, 2013). Aghou
we are not providing “independent” replications (@s are replicating our own result), we still calesi
providing evidence from two household surveys aadditional advantage over and above the factethal

survey has its own pros and cons with respectdaehlearch question.
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who use 0.7, since we exclude housing costs, wtoalstitute a major source of scale effects.

Our scale coefficient amounts to 0.8 and the edginz scale is shown beldiv:

min(Age of oldest child; 18)
18

EQS = (#Adults + X #Children)®8 1)

Table Il gives a brief overview of descriptive gtts of the different consumption measures.
The measures are log transformed for the econaraeielyses. The coefficients can therefore

be interpreted as approximate percentage changes.
Insert Table Il here

Our main explanatory variable is the event of aleildmoving out, which we empirically
identify in both datasets with different strategidimlian respondents explicitly state the
number of children living in and outside the houwsddh Combined with answers from a
question of children moving out, we can generatemy variables taking the value of one
whenever a move-out has occurred in the previowgwehis information is also available in
the SOEP. For the analysis of the dynamics of noas; we simply lag this variable by
various numbers of periods. For all other analysesare interested in the permanent effect
of the move-out. Hence, we generate so-called statemy variables that take on the value
one and remain at one if a child has moved outasrmaore periods ago. For that, we do not
actually need to observe the move-out, as we dan iinfrom the numbers of children living

in- and outside the househdfdl'o analyze the effect of the sequence of move;thiese are

12 As a robustness check we also use the origirted @hd Michael (1995) equivalence scale and alsimpm
of all household members. Both alternatives chahgemagnitudes of the coefficients, but conclusiares
unaffected. Results can be found in Appendix D.

3 |n the SOEP, this information is not directly eb&ble. Instead, we use data from eleven wavesdeir
starting wave (1984 - 1994) and biography datahef household head to infer any move-outs that have

occurred in the past.
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differentiated by the total number of children aubehold has and the order of move-outs,

e.g., the first of two and the second of two clafdr

Table Ill summarizes number of move-outs and olsg@ms after a move-out in the final
samples, dissected by number of children and avflenove-outs. Additionally, descriptive
statistics for the state dummies, i.e., variabheg switch to one after a child has moved out

are presented (# Obs after).

Insert Table Ill here

Four dummy variables indicate the total numberloldcen a family has, i.e. one, two, three
or four or more. A household is not downgradedraftéldren move out, as the corresponding

effect is already captured by the aforementionede¥aut variables.

The age of children has been shown to be positiratbted to their consumption needs and
ultimately household consumption (see, e.g., Edpades 1974 or Browning and Ejrnees,
2009). Therefore, the age of the oldest child tvim the household is included by means of a
dummy variable for children aged zero to twelveil@bn older than twelve make up the

base case where the dummy takes the value zero.

Alongside the number of children, the number oflsdiiving in the household is controlled
for as well, with couples marking the base casegles receiving a separate constant and
gender of single household heads being controtiedif a constant for female singles. Adult
inhabitants in excess of two, i.e. excluding adhiidren, enter the regression linearly in a

count variable.
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Additional control variablé$include whether or not the household head is wethwnarried,

separated or divorced, has a college educationnesnployed, self-employed or retired. A
dummy for homeownership is included as well. Incaane wealth are log transformed so
that their coefficients can be interpreted as glitists. Since wealth is not observed in the

SOEP, we use log transformed income from asseigasxy:>

Furthermore, observations are divided into twelge groups, with each group comprising
five years and the bottom and top group consistingousehold heads younger than 26 and
older than 75 respectively. We also use year dusirkier random effects models we include
20-year cohort dummies with cohorts ranging fromnbloetween 1900 and 1919 to born in

1980 or later.

Descriptive evidence on household level consumgiiormedian households by the number
of children is presented in Figure 1, Panels ARBndhe well-known “hump-shape” pattern is
clearly visible and significantly more pronounces fhouseholds with children and for the
German data (Panel B). Income is plotted as theedigirey line in order to assess the degree

of income tracking.

Median per capita consumption, calculated by dngdiby the linearly age adjusted

equivalence scale, is illustrated in Panels C andlii® “hump” in consumption is again

! The Italian data also contains information abaedit constraints (see, e.g., Jappelli, 1990).udiclg those
neither produces a significant coefficient for étetbnstraints, nor does it significantly affectetiother
coefficients. Hence, we refrain from reporting tlesults in order to sustain a higher level of corapgity
between results of the two datasets.

15 See, e.g., Kennickell and McManus (1993) who alse information from asset income to proxy weéith
the sampling design of the Survey of Consumer FKieammnd Avery et al. (1988) who resort to assetnme
for imputing missing asset values in the Survegofsumer Finances. We add one before we log transfo

to be able to include households with zero wealtheno income from assets.
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clearly visible in the German data (Panel D), timse for the childless household, and less
distinctly in the Italian data (Panel C). Houselsoldth children do not exhibit this pattern in

their per capita consumptioh.

Insert Figure 1 here

4. Results

The two box plots in Figure 2 give a first desdxiptview on what happens around the time
when the household experiences a move-out. Housetmisumption is plotted by year
relative to a move-out, i.e. one year before a mmue(t-1), the year of the move-out (t), one
year after a move-out (t+1) and so'6if.the notches of two adjacent boxes do not oyeiila
can be interpreted as evidence that their respectigdians differ significantly (see, e.qg.,
Chambers, 1983). This is evidently the case whempeming consumption of the two
preceding years to consumption in the year of aedyear after a move-out in the Italian data
(Panel A). Similarly, a drop can be observed betwbe year of a move-out and the directly
following year in the German data (Panel B). Ouetfals can be viewed as a substantial
indication in favor of households adjusting constiorp downwards following a child’s
departure. Less pronounced but still visible isosvilwards sloping trend in the following
years in the German data. In the Italian data, bserve a second permanent drop in years

four and five post move-out.

16 Attanasio and Weber (2010) present similar pesfilerived from the U.K. Family Expenditure Survélyey
extend their presentation by distinguishing différeohorts. We also did this, but refrain from praing the
results here in favor of a simpler and cleanerupitsince we gain no additional insights for cesearch
guestion.

" This example refers to the SOEP data in PanéldB.the SHIW data in Panel A, we have to use twarye

periods, since we deal with a biennial panel.
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Insert Figure 2 here

Table IV contains regression results for both sysveith household level and per capita
consumption as dependent variables. Columns (1) @yddeal with household level
consumption for Italy and Germany respectively. Raly, we report fixed effects results,
since a Hausman test significantly rejects the thdt the unobserved individual household
effect is uncorrelated with the explanatory vamesblp<0.0001). As discussed above, we
resort to a random effects Tobit estimator to deéh the censoring of consumption in the
German dat& The latter permits the inclusion of time-invari@ehort dummies, all of which
are insignificantly different from zero, though. bth regressions we observe significantly
negative coefficients for all but the first of terehildren, indicating a drop in household level
consumption. The last child leaving typically yiglthe largest effect, with the third of three
in Italy marking an exception. Also, if we disreddhe households with four or more children
(since we do not control for any but the last chikdving out) the effect monotonically
increases with family size in the ltalian data. illall, the evidence above clearly speaks in

favor of households decreasing consumption aftr tildren move ouf.

Insert Table IV here

A simple example should further improve the underding of these results. Assuming a
single-child household earns 2,000 €, spends 980 Kousing and saves 100 € each month,
the Italian results suggest a decrease in consamptiaround 8 % after the move-out of their
daughter or son. Hence, 920 € are being consumpdsxwhich essentially amounts to 80 €

less. It is not too far-fetched to assume thatcthéd had caused expenditures in excess of

18 Alternative models are presented in Appendix A.
9 As an additional robustness check we introdunaraber of interaction terms to the move-out dummias
coefficients remain significant and even increasenagnitude and we get some additional plausitdalte

for the interactions. Results can be found in Apliek.
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80 € each month, so most likely, parents also asgesf that unknown amount for personal

consumption or for supporting their offspring afteey are gone.

The same example would lead to an extra savingtd vh the German data. Here, we can
also look at between effects, since we employ daaneffects model. The one-child dummy
of 3.52 % leads to an increased consumption of B5o&Ir example that the household with a
child spends compared to a similar childless hoalselAdding them up gives us a total of
9 € that a household with one child consumes lems & comparable childless household after
their child has moved out. This difference chaniged2 € and 2 € for two- and three-child
households respectively. It essentially meanshbaseholds who had children consume just
slightly less than comparable childless househptitt move-out. The coefficient sum of the
dummies for move-outs and the number of childremoissignificantly different from zero for
one (p=0.2085), three (p=0.8724) and four (p=0.2%tBldren. Only households with two
children consume significantly (but economicaliyidi) less (p<0.0001) than childless peers.
These mixed results indicate that the hypothesigparents remaining frugal after their

children leave is unlikely to be true.

The coefficient sum of zero of the dummies for moués and the number of children in the
random effects model should not be confused witlisbbolds saving all funds that are now
being available. Instead, it only means, that hbakks now consume in a similar order of
magnitude as comparable childless ones. In ordgemminely assess the share of savings of
what had formerly been spent on children, spedéta on the composition of household
consumption would be needed. Consequently, alldhatbe inferred is that the hypothesis of

continuation of the same household consumption leawe be rejected.

To approximate per capita consumption, we next shif focus to equivalence scale adjusted

consumption regressions in columns (3) and (4dbetitomes apparent that all coefficients in
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both datasets are significantly positive and ecdoalty large, with magnitudes ranging from
7.63 % to as much as 40.34 % for the last childitepa German household with four or

more children. We can consequently dismiss the afl@@ change in per capita consumption.

Also, parents do lead a more spartan life thandidgt peers in terms of personal
consumption while children are still residentsrasdom effects coefficients (column 4) for
any number of children are negative. Summing upctedficients of the respective move-out
dummies by family size and comparing it to thereated effect of the number of children,
reveals that they approximately sum up to zero. fHspective coefficient sums are 0.0166
(p=0.0194), -0.0181 (p=0.0108), 0.0162 (p=0.121/) a0.0026 (p=0.8476). So they are
insignificantly different from zero for householdsth one, three and four or more children.
For households with two children, the coefficientrsis significantly negative at the 5 %
level, but the magnitude is economically small camep to the absolute size of the
coefficients: Just 1.81 percentage points of thigimal 26.90 % gap between childless

households and families with two children are mobwvered post move-out.

So German parents consume less personally in ésempce of children but they catch up once
children are gone and consequently consume abeusdme as an otherwise comparable
household in terms of the other control variaBldhe move-out coefficients from the Italian

data (column 3) are of similar magnitude and thgmalpport at least the idea of a significant

upturn in personal lifestyl@.

% The effect can still be observed when we dividmsumption by the number of inhabitants or the
Citro and Michael (1995) equivalence scale. Thédescaefficient would have to be as low as 0.3 idesrto
get continuation of per capita consumption forfahily sizes. Results are documented in Appendix D.

%L In a random effects model for the Italian dawynfd in Appendix A, these results can be confirmed,

indicating that Italian parents also consume inlginorders of magnitude as childless peers postermuit.
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Finally, we turn to the dynamics of the consumptieaction to a move-out (Table V). In the
Italian data, we always look at two-year period® da the biennial nature of the panel.
University graduates and non-graduates receiveragpateracted coefficients to compare
their reactions. Differences in their saving bebayiost move-out seem plausible, based on
the assumption of a positive correlation of paremducation with children’s tertiary
education costs. Italian non-graduates (columnadlhaot exhibit major fluctuations in their
reaction — at most a small increase in the readtarting in the second year after the last
child has left. University graduates, however, cone much less four years after their

children are gone.

Insert Table V here

In the German data, we also found different congionpeactions for households with and
without university degree. While the consumptioacateon (column 2) for non-graduates is
also rather immediate and stable, that for unitaegiaduates oscillates more and the average

accumulated effect over several years is alsotarge

The German data allow us to additionally measungmaats to non-resident children. A

corresponding question was explicitly asked in shevey. If we add the payments to non-
resident children to households’ consumption (ceoluB), the non-graduate consumption
reaction is considerably smaller but still ratheb¢e. In contrast, the graduates’ reaction is
now much lower in most years and even insignifigapositive in the third year. Even the

permanent effect (t-5+) with -0.0147 is much snmak&an with payments to children outside
the household excluded (-0.0675). Figure 3 illussdhe differences in reactions depending
on the exclusion (Panel A) or inclusion (Panel Bpayments to non-resident children. These

results lead to the conclusion that households wihesd has a university degree apparently
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support their children more extensively than otherparticularly in the first four years.
Furthermore, results from column (2) suggest tkisegosity is partly financed at the expense
of their own consumption, since their cumulatedettson from consumption, particularly in

the first four years, is larger.

Insert Figure 3 here

5. Discussion

The goal of this paper is to improve the understandof households’ saving and
consumption behavior around the time when childrmve out. We show that households’
consumption drops significantly and permanently pear after the occurrence of the event.
The effect is most pronounced for the last chilat, éven the first of two and the second of
three children exiting involve a significant degean consumption. On the per capita level,
parents were shown to consume less personally gitin@ period when children live with
them than childless households. After each exitgd, they increase their personal
consumption significantly. After all children areorge, their personal consumption is
approximately leveled with that of their childlgsser group in random effects models, where
we can draw between subject inference. In essdmmeeseholds were shown to use some of
the newly available funds for an increase in saviagd at the same time for a significant
upgrade of their own personal lifestyle. The efisatather immediate for households with no

university degree. German university graduatessa@vn to support their children more

2 This is clearly supported with data from a fixeffects regression of lagged move-out dummies @n lo
payments to non-resident children, reported in Agipe F. There, we also show that parents supporting
children is not nearly offset by the opposite cl&nne. children supporting their parents. Theelats rare
and much smaller in average value than the forfmathermore, in Appendix C, we show that househdtus

use some of the freed-up resources for increasesving.
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extensively at the expense of their personal copsom This result represents evidence

against parents targeting per capita consumptianvdetermining retirement saving wealth.

The results entail a number of implications. Faofall, parents do react to children moving
out in a non-negligible manner. Consequently, thene of children moving out should be
incorporated when attempting to assess the adeqfasgving rates or when planning the

individual retirement savings.

Second and most important, parents significantbyease their per capita consumption on
average, approximately up to that of childless eeho have been able to save more money
earlier in their lives. Late in life, their resoescwill be more limited and they will not be able
to continue with their accustomed lifestyle in geheHence, even though there is a small
savings boost after children move out, it may roehough. Affected households will likely
need to save more to make up for the smaller sfatlier in life, if they want to continue to
experience the lifestyle that they exhibit in tlsmidy. If they do have stronger bequest
motives, which are reasonable to assume as theyop@osed to childless households — have

natural candidates to bequeath to, the problembeikven more severe.

Finally, these results also have practical impiwe for financial advice on retirement

planning. Parents behave as if they plan to inerdasir personal consumption after children
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move out. Smart financial advisors should take thi® account while recommending a

specific retirement saving plédh.

%8 To the best of our knowledge, there is currentily limited evidence on how the financial servindustry
does exactly threat children (or the number of bbokl members in general) when making retirement
savings suggestions. Turner and Witte (2009) doatimehuge amount of heterogeneity in the treatroént
children among twelve free and professional reteeimplanning software programs. Only one of the
professional program scales consumption needsébpiimber and age of children in the household. Ndne
the free planning software programs assess the emunfbdependent children (see Turner and Witte 9200

page 83).We hope to see more research on thisiissiie near future.
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Tables

Table I.Composition of different samples

The table documents the derivation of the differgmmples used for the analyses starting from tiginat
SHIW sample. It furthermore indicates the numbehofiseholds and observations dropped in each sigp a
those remaining in each sample.

Panel A: Italy (SHIW 1995 - 2010) Panel B: Ger many (SOEP 1995 - 2008)
#HHs #Obs #HHs # Obs
Original SHIW sample (1995 - 2010) 36,328 63,002 Original SOEP sample (1995-2008) 20,610 144,159
- HHs with moving head of H¥ or -2,186 -9,215 - Obs with missing or invalid -3,514  -30,373
changing single financial dat&
— Obs with invalid consumption dafa -464  -738 — Obs with missing values in -200 -2,628
independent variables
Final samplefor RE analysis 33,678 53,049 Final samplefor RE analysis 16,896 111,158
— HHs with only one observation -25,493 -25,493 - (HHs with only one observation) (-1,920)  (-1,920)
Final samplefor FE analysis 8,185 27,556 (Final sample for FE analysis)®’ (14,976) (109,238)
— Obs from 199% and where year of -2,220 -7,890 — Obs with indeterminable lagged -1,247 -9,434
past move-out is indeterminable move-out variables

Final samplefor dynamics analysis 5,806 19,095 Final samplefor dynamics analysis 15649 101,724

The exclusion of households with a moving healaafsehold follows Jappelli and Pistaferri (2010b).
Observations where consumption of 1 Euro perpdayperson or less is declared are dropped.

Invalid financial data refers to consumptionmedme being smaller or equal to 1 Euro per dayppeson.

Since there is no fixed effects Tobit estimatbis is only used as a robustness check with timsaréeng
ignored (see Appendix A). The final sample for dyigs analysis includes households with only one
observation again.

The next wave was conducted in 1998 and the paaglcarried out biennially from then on. Sinceneed

an equal distance between observations to contjsteralyze dynamics, the year 1995 has to be drdpp
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Table 1l Descriptive statistics of consumption

Monthly household and per capita consumption (@lyéar 2005 EUR, differentiated by durables and-non
durables for the SHIW data) are log-transformethaanalyses but their descriptive statistics agsgnted here
before transformation for the purpose of convenieterpretation.

Mean  Std.Dev. Q10 Median Q90

Pane A: Italy (SHIW 1995 - 2010) [27,556 Obs]

Household Consumption 1,354 907 535 1,165 2,411
- Non-durables 1,201 683 519 1,070 2,038
- Durables 153 465 0 0 492
Per Capita Consumption 698 430 321 604 1,165
Panel B: Germany (SOEP 1995 - 2008) [111,158 Obs]

Household Consumption (right-censored) 1,578 2,804 495 1,321 2,776

Per Capita Consumption (right-censored) 863 2,536 337 729 1,407
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Table Ill. Number of affected observations for move-outs

The table displays the number of move-outs andreltiens after a move-out in the final samplesifaseline
analysis by chronological order of move-outs artdltaumber of the household’s children. The ladtirm
(“Last”) summarizes all move-outs of the househdhtst child.

M ove-out lofl 1lof2 20of2 1of3 20f3 30of3 Lastof4 Last
Panel A: Italy (SHIW 1995 - 2010) [27,556 Obs]

# Move-outs 198 397 336 153 140 109 72 748
# Obs after 2,737 5,931 3,942 2,700 2,181 1,471 901 9,042
Panel B: Germany (SOEP 1995 - 2008) [111,158 Obs]

# Move-outs 631 725 747 227 236 228 98 1,683
# Obs after 11,820 17,295 12,138 7,587 5,998 4,180 2,309 30,447
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Table IV.Regression results for Italian and German housekukd and per capita consumption

Results of regressions on (non-housing) consumpatierpresented in this table. The first two colurdisplay
results on the household level and columns (3)(dnhdhow results on per capita consumption. Thietalsther
documents coefficients for the control variabled #re constant coefficient. Cohort dummies are {imariant
and hence omitted in the fixed effects regressith.** and * indicate statistical significance &.01, 0.05 and
0.10 level respectively. Standard errors are pteden parentheses.

Dataset
Model Type
Dependent variable

(1)
Italy (SHIW)
Fixed Effects

@
Germany (SOEP)

Random Effects Tobit

Log(HH consumption).og(HH consumption)

(3)
Italy (SHIW)
Fikeftects

Log(pc consumption)

4
r@any (SOEP)

Random Effects Tobit

Log(pc aomgtion)

Move-out 1 of 1
Move-out 1 of 2
Move-out 2 of 2
Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
1 child

2 children

3 children

4+ children

Oldest child <13
Widowed
Separated/divorced
Married

Single

Female single

# add. adults
University degree
Unemployed
Self-employed
Retired

Home owner
Log(income)
Log(wealth or assetin

-0.0797 (0.0323)*
-0.0434 (0.0225)*
-0.0855 (0.0278)***
-0.0121 (0.0342)
-0.1326 (0.0343)***
-0.0851 (0.0411)*
-0.1801 (0.0532)***
0.1049 (0.0355)%*
0.1632 (0.0442)%
0.2473 (0.0637)%**
0.2194 (0.0914)**
-0.0253 (0.0161)
-0.0459 (0.0391)
-0.0230 (0.0383)
0.0247 (0.0343)
-0.1181 (0.0326)**
-0.0314 (0.0379)
0.0772 (0.0147)%*
0.0243 (0.0447)
-0.0135 (0.0229)
0.0009 (0.0202)
-0.0310 (0.0135)*
-0.0278 (0.0134)*
0.2807 (0.0101)%**
0.0130 (0.0024)**

-0.0440 (0.0075)*
-0.0390 (0.0073)**
-0.0508 (0.0088Y*
-0.0089 (0.0127)
-0.0302 (0.0148)*
-0.0442 (0.0140y*
-0.0612 (OM)**
0.0352 (0.0057)***
0.0476 (0.0065)***
0.0816 (0.0097)***
0.0767 (0.0116)***

0.1231 (0.0326)"*
0.1689 (0.0225)*+
0.0922 (0.0282)**
267 (0.0341)*++
0.0763 (0.0347)**
0.1056 (0.0428)**
0.1517 (0.0555)**
0.079(0.0362)**
-(B29 (0.0452)
-04176 (0.0662)*
-®43 (0.0920)*

-0.0336 (0.0049)*** 0.1387 (0.0166)***

-0.0414 (0.0080)***

-0.0247 (0.00%5)* -

-0.0298 (0.0046)**

-0.0552 (0.0061)**
-0.0110 (0.0063)*
0.0100 (0.0064)

-0.047(D.0390)
0.0394 (0.0385)
0.0220.0345)
0.382(.0343) %+
780 (0.0378)*
24 (0.0153)%+

-0.1012 (0.0048)*** 0.0228 (0.0454)

0.0245 (0.0051)**
-0.0001 (0.0068)

0.0411 (0.0059)***
-0.1271 (0.0037)**
1.0933 (0.0038)*+

-0.0004 (0.0008)

-0.61@.0230)
0.0004203)
-0.030(6.0136)**
0816 (0.0135)*
®28 (0.0101)**
0.012.0024)***

0.1051 (0.0077)**
0.1496 (0.0075)*+*
0.1037 (0.0090)***
0.1174 (0.0130)***
0.1866 (0.0146)***
0.1104 (0.0143)**
0.4034 (0.0164)**
-0.0868 (0.0059)***
-0.2690(0.0066)***
-0.4039 (0.0099)***
-0.3907(0.0119)**
0.1531 (0.0051)***
-0.0119(0.0082)
-0.0462(0.0057)*+*
-0.0285(0.0048)***
0.4489 (0.0063)**
-0.0620(0.0064)***
-0.1884 (0.0065)***
-0.0953(0.0049)*+
0.0138(0.0052)***
-0.0020(0.0070)
0.0391 (0.0060)***
-0.1316 (0.0038)***
1.0591 (0.0039)***
0.0037 (0.0007)**

Age dummies yes yes yes yes

Year dummies yes yes yes yes

Cohort dummies no yes no yes

Constant 4.8931 (0.1127)*** -1.0512 (0.0361)*** 4.2730.1122)*** -1.5806 (0.0365)***
Observations 27,556 111,158 27,556 111,989

Censored 20,426 20,430

R? (within) 0.1217 0.1009

R? (between) 0.6639 0.5115

R? (overall) 0.5342 0.3789

Log-Likelihood -45,256 -48,000
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Table V.Regression results for Italian and German housekekl consumption

This table shows lagged reactions to the move-bthelast child of a household. Lags in columndainprise
two-year bands, whereas the German data (colunamsl B) permits to use yearly lags relative to tlwenout
year t. Coefficients are furthermore separated Hps¢ household heads with and those with no uriyers
degree. Control variables are not presented foritgreaCohort dummies are time-invariant and hengetied in
the fixed effects regression. *** ** and * indi@tstatistical significance at 0.01, 0.05 and 0.&ell
respectively. Standard errors are presented impases.

1) @) 3
Italy (SHIW) Germany (SOEP) Germany (SPEP
Fixed Effects Random Effects Tobit Randgffects Tobit
Log(HH consumption) Log(HH consumption)  Log(HH somption +

Dataset
Model Type
Dependent variable

payments to non-
resident children)

Move-out last child

Year relative to move-out t

Yealative to move-out t

Move-out x nouni  t-t-1 0.087( (0.0272)*** t -0.0138 (0.0096) 0.0044 (0.0090)
Move-out x no uni t-2-t-3  -0.105¢ (0.0313)*** t-1 -0.0752 (0.0107)*** -0.0425 (0.0100)***
Move-out x no uni t-4-t-5 -0.133¢ (0.0344)** t-2 -0.0673 (0.0111)*** -0.0433 (0.0103)***
Move-out X no uni  t-6+ 0.116¢ (0.0382)*** t-3 -0.0508 (0.0114)*** -0.0273 (0.0107)**
Move-out X no uni t-4 -0.04410.0117)**= -0.0309 (0.0109)**
Move-out X no uni t-5+  -0.05540.0071)*** -0.0380 (0.0066)***
Move-out x uni t-t-1 0.148¢ (0.0674)** t -0.0589 (0.0168)*** -0.0155 (0.0156)
Move-out x uni t-2 -t-3  -0.104¢ (0.0672) t-1 -0.1103(0.0181)*** -0.0295 (0.0170)*
Move-out x uni t-4-t-5 -0.255! (0.0788)*** t-2 -0.1007 (0.0193)*** -0.0374 (0.0182)**
Move-out x uni t-6+ 0.260° (0.1217)* t-3 -0.0394(0.0199)** 0.0128 (0.0187)
Move-out x uni t-4 -0.07720.0203)*** -0.0030 (0.0191)
Move-out x uni t-5+  -0.06750.0112)%* -0.0147 (0.0105)
Other controls yes yes yes

Age dummies yes yes yes

Year dummies yes yes yes

Cohort dummies nc yes yes
Observations 19,09¢ 101,724 101,724

Censored 18,749 18,848

R? (within) 0.113¢

R? (between) 0.596¢

R? (overall) 0.472¢

Log-Likelihood -40,222 -34,943
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Figures

Figure 1.Median life-cycle consumption by number of children

Median consumption is presented by number of oiildor different age-groups. The first row showssehold
level consumption whereas the second row displarsgapita consumption calculated by an age-adjusted
equivalence scale. The left column representsaliatiata from the SHIW and the right column Germatad
from the SOEP. Age groups on the x-axes comprige Years of age (except for the first and last el
permit a noise-reduced view of life-cycle consumipti Median income of all households is additionally
presented in Panels A and B as the dashed greinlmeler to assess the role of income tracking.
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Figure 2.Boxplots of consumption around the time of a chiloving out

The boxplot displays consumption for the year(dptee the year of and years subsequent to a movefoa
child as well as for all observations where a mouehas occurred eight or more years ago. The limd¢ke
middle of the boxes refer to the medians, the boepresent the interquartile range and the whiskelisate the
extremes of the distribution, as long as theirattises to the median do not exceed 1.5 times teequmrtile
range.

Panel A: Consumption after move-out in SHIW Panel B: Consumption after move-out in SOEP
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Figure 3.Coefficients of lagged move-outs including and agalg payments to non-resident children

This figure draws the lagged move-out coefficiedesived from random effects Tobit regressions og lo
consumption (see Table 5 columns 2 and 3) and %% confidence intervals. The coefficients angasately
derived for university graduates (blue) and nordgedes (red).
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A Alternative model typesfor household level and per capita consumption

In this section, we use alternative models to estnthe coefficients. By doing so, we want to

assess the robustness of our estimates and fudhegain additional insights that come with

different model types.

Table A.l.Different model types for Italian household levehsumption

This table shows regressions on Italian househaldl Inon-housing consumption data with differentdeio
types. Consumption is artificially censored in eohu (1) to be able to run a Tobit regression. Colui@n
presents results of a random effects estimator.rébglts of a first difference approach are presgnt column
(3). Column (4) displays the results of a fixedeefs estimator as used in the main analysis fareate
purposes. Age dummies and the age of the oldelt bhing younger than 13 dummy are omitted in et f
difference approach. Cohort dummies are time-imwdriand hence omitted in the fixed effects andt firs
difference regressions. ***, ** and * indicate gtdical significance at 0.01, 0.05 and 0.10 levedpectively.
Standard errors are presented in parentheses.

(1) 2 (3 (4)
Dataset Italy (SHIW) Italy (SHIW) Italy (SHIW) Ital(SHIW)
Model Type Random Effects Tobit Random Effects Hixigterences Fixed Effects
Dependent variable Log(consumption) Log(consumption) Log(consumptign Log(consumption)
[censored] Log(consumptiop,)

Move-out 1 of 1 -0.0699 (0.0098)***  -0.06720.0103)***  -0.0651 (0.0386)* -0.0797 (0.0323)**
Move-out 1 of 2 -0.0542 (0.0086)***  -0.04720.0090)***  -0.0407 (0.0295) -0.0434 (0.0225)*
Move-out 2 of 2 -0.0487 (0.0111)***  -0.05280.0115)***  -0.1108 (0.0283)*** -0.0855 (0.0278)***

Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
1 child

2 children

3 children

4+ children

Oldest child <13
Widowed
Separated/divorced
Married

-0.0614 (0.0161)%++
-0.0485 (0.0175)%++
-0.0186 (0.0156)
-0.1051 (0.0154)%+
0.1012 (0.0085)***
0.1398 (0.0089)***
0.1575 (0.0121)%*
0.1027 (0.0121)%*
-0.0357 (0.0071)%+

-0.0108 (0.0093)

0.0252 (0.0102)**

0.0396 (0.0095)**

-0.05290.0173)%*
-0.045%0.0187)*
-0.0299.0160)*
-0.1108.0154)%*
0.0960(0.0094)***
0.13130.0098)**
0.14780.0128)**
0.09510.0128)%**
-0.048(0.0076)**
-0.00910.0098)
0.03@H0113)**
0.04730.0103)***

-0.0439 (0.0394)

-0.1695 (0.0425)*+
-0.1065(0.0464)*
-0.1572 (0.0637)*
0.0980 (0.0415)*
0.1391 (0.0522)**
0.2616 (0.0848)**
0.1359 (0.1103)

-0.1304(0.0369)***
-0.0564 (0.0469)
0.0953 (0.0494)*

-0.0121 (0.0342)
-0.1326 (0.0343)***
-0.0851 (0.0411)*
-0.1801 (0.0532)***
0.1049 (0.0355)%**
0.1632 (0.0442)%
0.2473 (0.0637)%**
0.2194 (0.0914)*
-0.0253 (0.0161)
-0.0459 (0.0391)
-0.0230 (0.0383)
0.0247 (0.0343)

Single -0.1012 (0.0096)***  -0.10050.0106)***  -0.0605 (0.0416) -0.1181 (0.0326)***
Female single -0.0229 (0.0076)***  -0.035®.0081)**  -0.0729 (0.0492) -0.0314 (0.0379)
# add. adults 0.0213 (0.0056)*** 0.024®.0059)*** 0.0647 (0.0211)*** 0.0772 (0.0147)**=
University degree 0.0856 (0.0068)*** 0.107®.0080)***  -0.0089 (0.0584) 0.0243 (0.0447)
Unemployed -0.0422 (0.0123)**  -0.028%0.0130)** -0.0416 (0.0313) -0.0135 (0.0229)
Self-employed 0.0059 (0.0061) 0.0288.0071)**  -0.0092 (0.0343) 0.0009 (0.0202)
Retired -0.0042 (0.0065) -0.006(0.0068) -0.0253(0.0166) -0.0310 (0.0135)*
Home owner -0.0265 (0.0055)***  -0.041{0.0058)***  -0.0410 (0.0181)** -0.0278 (0.0134)*
Log(income) 0.4868 (0.0038)***  0.43730.0049)**  0.2645 (0.0100)** 0.2807 (0.0101)***
Log(wealth) 0.0196 (0.0011)*** 0.02680.0012)** 0.0100 (0.0023)*** 0.0130 (0.0024)**=*
Age dummies yes yes no yes

Year dummies yes yes yes yes

Cohort dummies yes yes no no

Constant 3.2879 (0.0402)** 3.6023 (0.0469)*** -0.0557 (0.0122)*** 4.8931 (0.1127)***
Observations 53,049 53,049 19,215 27,556

Censored 7,666

R? (within) 0.1165 0.1217

R? (between) 0.5781 0.6639

R? (overall) 0.5559 0.0856 0.5342
Log-Likelihood -26,174 -12,822
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For the Italian data, we chose the fixed effectsl@hosince the Hausman test significantly
rejected the null hypothesis (p<0.0001). In Tabld te results are redisplayed for
comparison in column (4). The corresponding randeffects estimates are presented in
column (2). It becomes apparent, that the randdetisfestimates for our move-out dummies
are considerably smaller, on average, than thel feféects estimates. We can conclude that
using random effects introduces a downward biasfidally censoring Italian consumption
at income and using a Tobit random effects estim@tp does not alter the results by and
large. Hence, we have reason to assume that thie miodel does a good job in coping with
the censoring problem in the German data. Finaly,present results of a first differences
regression in column (3). We explain a lot lessttaf variation here, with an?Rof only
0.0856. Nevertheless, the coefficients do not devsubstantially from our fixed effects
estimator. Standard errors slightly increase, teguin a loss of significance for the move-out
of the first of two children. Overall, the resuttan be interpreted as strong evidence in favor

of the robustness of our results.

Continuing with the German data, we present theesarodel types as above in Table A.ll.
Column (1) represents the model that we presemtedur main results and serves as a
reference. In columns (2) to (4) we simply igndre tensoring and use the same models as
above with the ltalian data. The random effectgregbr with ignored censoring illustrates
the fact that coefficients are now too small inadbte value compared to the Tobit estimator.
This bias carries over to the first differences &8yl fixed effects (4) estimators. With the
results from the Italian data in mind, we expeatepuithin-coefficients obtained from a fixed

effects model to be larger in absolute values.
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This table shows regressions on German househedd t®n-housing consumption data with different edod
types. Censoring of consumption data is ignorecolnmns (2) — (4). Column (2) presents results cdralom
effects estimator. The results of a first differempproach are presented in column (3). Columuiéplays the
results of a fixed effects estimator as used imtlagn analysis for reference purposes. Age dumamesthe age
of the oldest child being younger than 13 dummyamitted in the first difference approach. Coharbunies
are time-invariant and hence omitted in the fixédats and first difference regressions. ***, ** @rf indicate
statistical significance at 0.01, 0.05 and 0.1@legspectively. Standard errors are presentedriengheses.

Dataset
Model Type
Dependent variable

)
Germany (SOEP)

Random Effects Tobit

Log(consumption)

@)

Germany (SOEP)

Random Effects

Log(consumption

[censoring ignored]

©)

(4)

Germany (BOEP Germany (SOEP)

Hiterences
Log(consumptioy) -
Log(consumption,)

[censoring ignored]

Fixed Effects
Log(consumption)
[censoring ignored]

Move-out 1 of 1
Move-out 1 of 2
Move-out 2 of 2
Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
1 child

2 children

3 children

4+ children

Oldest child <13
Widowed
Separated/divorced
Married

Single

Female single

# add. adults
University degree
Unemployed
Self-employed
Retired

Home owner
Log(income)
Log(inc. fr. assets)
Age dummies
Year dummies
Cohort dummies

-0.0440 (0.0075)**
-0.0390 (0.0073)***
-0.0508 (0.0088)***
-0.0089 (0.0127)

-0.0302 (0.0143)*
-0.0442 (0.0140)***
-0.0612 (0.0160)***
0.0352 (0.0057)***
0.0476 (0.0065)**
0.0816 (0.0097)**
0.0767 (0.0116)**
-0.0336 (0.0049)***

-0.0414 (0.0080)***

-0.0247 (0.0055)***
-0.0298 (0.0046)*+
-0.0552 (0.0061)**
-0.0110 (0.0063)*
0.0100 (0.0064)
-0.1012 (0.0048)*+
0.0245 (0.0051)**
-0.0001 (0.0068)
0.0411 (0.0059)**
-0.1271 (0.0037)**
1.0933 (0.0038)***
-0.0004 (0.0008)

yes

yes

yes

-0.03640.0085)**
-0.031%0.0079)***
-0.04170.0104)**
-0.0089.0112)
-0.02080.0142)
-0.03000.0153)*
-0.025@.0190)
0.0210(0.0059)***
0.02430.0066)***
0.04250.0092)***
0.02340.0111)*
-0.0294D.0050)***
-0.0367(0.0107)**
-0.0348.0060)***
-0.02950.0050)***
-0.04650.0072)**
-0.00%6.0075)
0.0022.0074)
-0.103(.0053)*+
-0.004(.0051)
-0.01§0.0079)**
0.03720.0067)*+
-0.14180.0047)*+
1.17380.0052)**
0.00@R0010)*+
yes
yes
yes

-0.0219 (0.0171)
0.0018 (0.0160)
-0.0346 (0.0192)*
-0.0048(0.0233)
-0.0235(0.0198)
-0.0439(0.0313)
0.0558(0.0451)
0.0052 (0.0118)
0.0004 (0.0163)
0.0280 (0.0252)
0.0213 (0.0414)

-0.0113 (0.0211)
0.0021 (0.0132)
-0.0358 (0.0110)**
-0.0668 (0.0179)**
0.0657(0.0216)***
-0.0092(0.0088)
-0.0682 (0.0202)**
0.0100(0.0072)
0.0126 (0.0144)
0.0095 (0.0105)
-0.2190 (0.0109)***
1.3738 (0.0062)***
0.0045 (0.0010)***
no
yes
no

-0.0558 (0.0136)***
-0.0369 (0.0098)**
-0.0480 (0.0141)*+
-0.0188 (0.0133)
-0.0110 (0.0169)
-0.0364 (0.0221)*
0.0006 (0.0341)
0.0034 (0.0096)
0.0031 (0.0116)
0.0150 (0.0174)
0.0222 (0.0273)
-0.0028 (0.0064)
-0.0686 (0.0157)*+
-0.0404 (0.0099)*+
-0.0217 (0.0071)**
-0.0092 (0.0104)
0.0096 (0.0123)
-0.0136 (0.0090)
-0.0547 (0.0130)***
0.0023 (0.0055)
-0.0067 (0.0102)
0.0307 (0.0077)***
-0.1939 (0.0079)**
1.2895 (0.0069)*+
0.0045 (0.0011)%**

yes

yes

no

Constant -1.0512 (0.0361)**  -1.69080.0448)**  -0.0068 (0.0050) -2.5712 (0.0549)***
Observations 111,158 111,158 94,261 111,158

Censored 20,426

R? (within) 0.5784 0.5799

R? (between) 0.8335 0.8226

R? (overall) 0.7548 0.5194 0.7469
Log-Likelihood -45,256 -41,184

Next, we turn to the results on per capita consiongh Italy (Table A.lll). Starting with a

comparison of the fixed effects model (4) and tingt differences approach (3), we can see
that the coefficients for each last child moving ate substantially larger in the latter, while
all other children are in rather close range. Famtiore, explanatory power is even lower this

time, with an R of 0.0733. The random effects estimates deviatle mé particular direction
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of bias. The Hausman test again points to usingdfigffects results, though, reinforcing our
confidence in the pure within-coefficients from wwoin (4). Artificial censoring in
combination with a Tobit estimator (1) again giwessimilar results as the random effects

estimator (2), apart from some larger deviatiomsefch last child moving out.

Table A.lll.Different model types for Italian per capita congtion

This table shows regressions on Italian per capita-housing consumption data with different moggles.
Consumption is artificially censored in column (b)be able to run a Tobit regression. Column (Bspnts
results of a random effects estimator. The reafita first difference approach are presented imral (3).
Column (4) displays the results of a fixed effez¢simator as used in the main analysis for refergnoposes.
Age dummies and the age of the oldest child bemgnger than 13 dummy are omitted in the first défece
approach. Cohort dummies are time-invariant andcéeomitted in the fixed effects and first differenc
regressions. *** ** gnd * indicate statistical sificance at 0.01, 0.05 and 0.10 level respectivEigndard
errors are presented in parentheses.

1) ) ©)) (4)

Dataset Italy (SHIW) Italy (SHIW) Italy (SHIW) Ital(SHIW)
Model Type Random Effects Tobit Random Effects Histerences Fixed Effects
Dependent variable Log(p.c. consumption) Log(p.c. consumption) Log(p.c. Log(p.c.
[censored] consumptioy) - consumption)
Log(p.c.
consumptiop;)

Equivalence Scale (#adults + #children * (#adults + #children *
min(age oldest min(age oldest

child;18)/18)%0.8 child;18)/18)10.8

(#adults + #children * (#adults + #children *
min(age oldest min(age oldest
child;18)/18)"0.8 child;18)/18)"0.8

Move-out 1 of 1
Move-out 1 of 2
Move-out 2 of 2
Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
1 child

2 children

3 children

4+ children
Oldest child <13
Widowed
Separated/divorced
Married

Single

Female single

# add. adults
University degree
Unemployed
Self-employed
Retired

Home owner
Log(income)
Log(wealth)

Age dummies
Year dummies
Cohort dummies

0.0730 (0.0091)**
0.1395 (0.0080)**
0.0968 (0.0102)**
0.0780 (0.0148)**
0.1682 (0.0162)**
0.1380 (0.0145)**
0.3269 (0.0143)**
-0.0363 (0.0078)*+
-0.1998 (0.0082)***
-0.3571 (0.0111)%*
-0.3264 (0.0111)%**
0.2192 (0.0065)**
-0.0390 (0.0087)**

-0.0410 (0.0095)***

0.0424 (0.0087)**
0.4761 (0.0089)**
-0.0504 (0.0071)*+
-0.1995 (0.0052)*+
0.0668 (0.0063)***
-0.1019 (0.0106)***
-0.0182 (0.0056)**
-0.0033 (0.0060)
-0.0175 (0.0050)**
0.5632 (0.0033)**
0.0136 (0.0010)**

yes

yes

yes

0.05680.0105)**
0.14490.0092)*+*
0.06980.0117)*+
0.08350.0175)*+
0.16170.0190)*+
0.1060.0164)*+*
0.283@.0166)**
-0.0200(0.0096)*
-0.18220.0101)**
-0.33670.0132)**
-0.30540.0139)**
0.1908).0078)***

-0.0281(0.0099)***

-0.0118.0115)
0.0582(0.0105)**
0.42690.0108)**
-0.068(D.0083)**
-0.191.0066)***

0.118®.0080)***
-0.045€0.0131)*+

0.033(0.0072)***
-0.01160.0069)*
-0.044£0.0059)*+
0.41920.0049)**
0.02730.0012)*+
yes
yes
yes

0.3010 (0.0383)**
0.1948 (0.0295)***
0.2290 (0.0285)***
0.1125 (0.0395)***
0.0574 (0.0430)
0.2562 (0.0451)***
0.2964 (0.0684)**
0.0592 (0.0415)
-0.0573 (0.0529)
-0.1651 (0.0890)*
-0.3535 (0.1140)**

-0.1159 (0.0371)**
-0.0884(0.0471)*
-0.0767 (0.0476)
0.4283 (0.0427)*+
-0.0976 (0.0500)*
-0.1655 (0.0229)**
-0.0129 (0.0619)
-0.0582 (0.0314)*
-0.0131 (0.0346)
-0.0167(0.0168)
-0.0503 (0.0182)***
0.2469 (0.0100)**
0.0100 (0.0023)***

no

yes

no

0.1231 (0.0326)"*
0.1689 (0.0225)**
0.0922 (0.0282)**
0.1267 (0.0341)**
0.0763 (0.0347)**
0.1056 (0.0428)**
0.1517 (0.0555)**
0.0790 (0.0362)**
-0.0329 (0.0452)
-0.1476 (0.0662)*
-0.1693 (0.0920)*
0.1387 (0.0166)**
-0.0471 (0.0390)
-0.0394 (0.0385)
0.0220 (0.0345)
0.3823 (0.0343)**
-0.0730 (0.0378)*
-0.1324 (0.0153)**
0.0228 (0.0454)
-0.0196 (0.0230)
0.0014 (0.0203)
-0.0306 (0.0136)*
-0.0316 (0.0135)*
0.2628 (0.0101)**
0.0128 (0.0024)***

yes

yes

no

Constant 1.9283 (0.0357)**  2.95500.0473)**  -0.0707 (0.0123)*** 4.2731 (0.1122)***
Observations 53,049 53,049 19,215 27,556

Censored share 1,534

R? (within) 0.0941 0.1009

R? (between) 0.4675 0.5115

R? (overall) 0.4365 0.0733 0.3789
Log-Likelihood -20,533 -12,896
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With the random effects estimator at hand, we hbhgeopportunity to conduct some between
comparisons, the same way as we did with the Gedatmnin the main analysis. Summing up
respective move-out coefficients with the numbercbildren in a family, we actually get
significantly positive coefficient sums for one-datwo-children families (p<0.0001 and
p=0.0001), zeroing out for three-children famili¢s=0.1403) and a slightly negative
coefficient sum of -0.0218 (p=0.0701). This reifs our conclusion from the main analysis
of households approximately leveling up their papita consumption to a comparable level

as childless peers.

Repeating above exercise with the German data pogmita consumption (Table A.1V), we
see in columns (1) and (2) that ignoring the cangohas a much smaller effect here than
with household level consumption, as coefficients mther close together. Similar as with
the Italian data, each last child’s move-out hasugh stronger effect in the first differences
estimator (3) than in the fixed effects model @hmparing fixed effects (4) with random
effects (3) leads to the same conclusion as wehltélian data, i.e. slightly larger effects in

the latter case.

Overall, we conclude our results to be robust toraadel choice, particularly in the Italian
data. Most importantly, our results are qualitdtivebust and we only observe deviations in
magnitudes in some cases. Furthermore we weret@lkplicate our qualitative conclusion
of upgrading per capita consumption to the leveadtoldiess peers for the Italian data. For the
German data, we emphasize the necessity to copdhvatdata censoring, which results in the

random effects Tobit model representing our onltable option.
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Table A.1V Different model types for German per capita consionp

This table shows regressions on German per capitehausing consumption data with different modeglety.
Censoring of consumption data is ignored in coluf®)s- (4). Column (2) presents results of a randdfacts
estimator. The results of a first difference apptoare presented in column (3). Column (4) disptagsresults
of a fixed effects estimator as used in the maadyesis for reference purposes. Age dummies andgleeof the
oldest child being younger than 13 dummy are onhittethe first difference approach. Cohort dumnaes
time-invariant and hence omitted in the fixed effeand first difference regressions. *** ** andiridicate
statistical significance at 0.01, 0.05 and 0.1@legspectively. Standard errors are presentedriengheses.

1) @) ©) (4)

Dataset Germany (SOEP) Germany (SOEP) Germany (BOEP Germany (SOEP)
Model Type Random Effects Tobit Random Effects Hiterences Fixed Effects
Dependent variable Log(p.c. consumption) Log(pomisumption  Log(p.c. consumption Log(p.c. consumption

[censoring ignored])

(#adults + #children * (#adults + #children *
min(age oldest min(age oldest
child;18)/18)"0.8 child;18)/18)"0.8

[censoring ignored])  [censoring ignored])
(#adults + #children * (#adults + #children *
min(age oldest min(age oldest
child;18)/18)"0.8 child;18)/18)"0.8

Equivalence Scale

Move-out 1 of 1
Move-out 1 of 2
Move-out 2 of 2
Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
1 child

2 children

3 children

4+ children

Oldest child <13
Widowed
Separated/divorced
Married

Single

Female single

# add. adults
University degree
Unemployed
Self-employed
Retired

Home owner
Log(income)
Log(inc. fr. assets)
Age dummies
Year dummies
Cohort dummies

0.1043 (0.0077)™*
0.1516 (0.0074)**
0.1068 (0.0089)**
0.0991 (0.0129)**
0.1995 (0.0145)%*
0.1196 (0.0142)**
0.3955 (0.0162)**

-0.0877 (0.0058)*+
-0.2765 (0.0066)***
-0.4021 (0.0098)***
-0.3981 (0.0118)**
0.1534 (0.0050)**

-0.0204 (0.0081)*
-0.0444 (0.0056)***

-0.0246 (0.0047)*+
0.4586 (0.0062)**
-0.0613 (0.0064)*++
-0.1863 (0.0065)**
-0.0949 (0.0048)*+
0.0127 (0.0052)**
0.0020 (0.0069)
0.0433 (0.0060)**
-0.1320 (0.0038)***
1.0706 (0.0039)***
0.0016 (0.0008)**

yes
yes
yes

0.11340.0087)**
0.15980.0081)*+*
0.11580.0107)*+
0.10450.0122)*+
0.20780.0149)**
0.13360.0159)**
0.417@.0213)*+

-0.0966(0.0061)**

-0.293§0.0069)***
-0.438%0.0098)***
-0.44370.0138)*+

0.159@).0053)***

-0.0178(0.0110)
-0.05{8.0062)**

-0.02580.0052)***

0.46690.0074)**
-0.055@.0078)*+
-0.196.0094)*+
-0.095.0054) *+
-0.011¢D.0052)**
-0.0168.0080)**
0.037@0.0068)***
-0.142€0.0048)*+
1.15270.0053)**
0.004R.0010)***
yes
yes
yes

0.2673 (0.0186)*
0.2073 (0.0165)***
0.3113 (0.0198)***
0.1320 (0.0251)***
0.2188 (0.0214)***
0.2760 (0.0329)***
0.4289 (0.0484)*+

-0.1132 (0.0139)***

-0.2588 (0.0195)**

-0.3769 (0.0294)**

-0.5009 (0.0466)**

0.0089(0.0216)
-0.0243 (0.0141)*
-0.1147 (0.0123)**
0.4586 (0.0185)***
-0.0268 (0.0224)
-0.1824 (0.0119)**
-0.0739 (0.0214)***
-0.0095 (0.0075)
0.0042 (0.0151)
0.0151 (0.0106)
-0.2358 (0.0112)**
1.2931 (0.0065)***
0.0061 (0.0010)***
no
yes
no

0.1579 (0.0144)"
0.1822 (0.0102)%**
0.1666 (0.0147)%*
0.1173 (0.0147)%
0.2288 (0.0177)%*
0.1771 (0.0232)%
0.3623 (0.0364)*
-0.0596 (0.0099)***
-0.2374 (0.0124)**
-0.3991 (0.0182)***
-0.4737 (0.0309)***
0.1336 (0.0068)***
-0.0217 (0.0163)
-0.0568 (0.0104)**
-0.0083 (0.0073)
0.4970 (0.0108)***
-0.0530 (0.0130)***
-0.2115 (0.0115)**
-0.0482 (0.0133)***
-0.0029 (0.0057)
-0.0046 (0.0103)
0.0304 (0.0077)***
-0.1948 (0.0081)**
1.2643 (0.0070)***
0.0052 (0.0011)%**

yes

yes

no

Constant -1.5806 (0.0365)**  -2.22690.0455)***  -0.0181 (0.0052)*** -3.1487 (0.0941)**
Observations 111,158 111,158 94,261 111,158

Censored share 20,430

R? (within) 0.5048 0.5069

R? (between) 0.7568 0.7370

R? (overall) 0.6623 0.4614 0.6471
Log-Likelihood -46,589 -43,692
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B Comparison of SOEP data with EVSdata
To validate the inferred consumption data from@seman SOEP, we compare its 2008 wave
with data from the 2008 Einkommens- und Verbrauottgsrobe (EVS) by the Federal

Statistical Office of Germany.

Table B.l.Income and consumption in 2008 SOEP and EVS waves

Mean Q10 Q25 M edian Q75 Q90

Panel A: SOEP (2008) [8,508 Obs]

Screened monthly net income 2,477 944 1,366 2,064 3,007 4,372
Adjusted monthly net income 2,651 991 1,446 2,210 3,252 4,696
Income from assets 107 0 6 6 39 121
Non-housing consumption 1,561 478 786 1,285 1,978 2,888
Tobit predicted non-housing consumption 1,613 570 846 1,319 1,991 2,886
Panel B: EVS (2008) [53,932 Obs]

Monthly net income (excl. imputed rent) 2,925 1,079 1,648 2,554 3,760 5,175
Income from assets (excl. imputed rent) 127 0 0 0 57 375
Borrowing (n=2,025; 4%) 188 0 0 0 0 0
Asset sales (n=23,854; 44%) 919 0 0 0 389 2,021
Non-housing consumption 1,842 632 984 1,539 2,295 3,261

Table B.lI shows key monthly income and consumptigares to be compared across SOEP
and EVS. The income measure we use in this studyased on the so-called “screener”,
where the head of household is asked to estimat&dbsehold’s current total monthly net
income (first row). We manually add reported incofiren assets, which is included in the
measures presented in the first two rows of Panell#e SOEP provides more detailed
information about different income components ¢éthalusehold members. Based on this, an
adjusted income measure is provided, which is, verage, 174 € larger. Hence, the
“screener” contains a significant underreportingsbiHowever, we refrain from using the
more detailed measure, as not all income compormeatasked in each year of the survey and
hence, we would introduce a bias in those yearh déviating level of detail in income

measurement. Nonetheless, even the adjusted mefasure2008 is, on average, 274 €
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smaller than the value we get from the E¥/8ence the average income gap between SOEP

as we use it and EVS amounts to 448 € per morttheiyear 2008.

Becker et al. (2002) also find significant diffeces in income between SOEP and EVS. They
attribute it to methodological differences. The EVS§es a bookkeeping approach, whereas
SOEP relies on retrospective questions, which ayplgrieads to underreporting. We assume
the underreporting bias to be unrelated to chilanewing out. Furthermore, taxation routines
applied in the SOEP apparently overestimate taxiing. The latter effect alone more than
doubles the gap between mean incomes of the twesiin the analysis by Becker et al.
(2002). Tax benefits in Germany are granted on lkasis of the number of children a
household has, generally regardless of their rasglstatus and instead conditional on their
age. Hence, this part of the bias should not isterdth our research question. Income from
assets in the SOEP is smaller compared to the BM®ughly 20 €, so this only marginally
contributes to the gap, especially for the majoatyhouseholds who barely earn any asset

income.

The differences in income obviously carry over tm4housing consumption, as our SOEP
consumption measure is simply the residual of ingosaving and housing costs. On top of
that, consumption is underestimated due to theckisoring of saving in the SOEP. In the
EVS, we do observe negative saving. Borrowing asskiasales are presented in Panel B of
Table B.l. Both distributions are extremely righkesied. Hence, borrowing plays a
significant role only in very few cases. Asset satge more prevalent and significant in
magnitude, albeit irrelevant for more than halftbé population. The general life-cycle
pattern, however, is rather consistent, as careée s Figure B.1. The original gap in income

seems to explain the gap in consumption to a lpage

29 We subtract imputed rent, which is not includedir SOEP income measures.



37

In the last row of Panel A we also report desorgstatistics of the consumption distribution

predicted by our Tobit model. The mean is 52 €dgravhich mostly translates into increases
in the lower quantiles, i.e., generally poorer ledudds. Typically, a larger share of these
households report zero savings. Hence, the Tobdemmassumes the latent consumption
variable to be larger than income for some of themeseholds. Consequently, it closes some

of the gap between reported and latent actual copsan.

Figure B.1l.Income and consumption in 2008 SOEP and EVS wawestbe life-cycle

Income and consumption for the 2008 SOEP and EM&svare presented in this figure. Age groups orxthe
axes comprise five years of age (except for thet &ind last one) and permit a noise-reduced vielifes€ycle
consumption.
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To conclude, we acknowledge our German consumplada to be biased downward but we
do not find evidence of this bias significantlydrdcting with our research question. This
reasoning should be reinforced when we considdrtbgmain findings of our analyses are

quite similar in the Italian data, where we caly @t actual consumption data.
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C Alternative dependent variables

In this appendix, we exchange the dependent vasahblour regressions. First, we look at the
converse of consumption, i.e. savings. The Itatlata does provide savings variables, but
they are only calculated as residuals of income emdsumption. In 2010 saving was
explicitly asked for, allowing for a comparison thie measures in that year. Looking at a
number of quantiles in Table C.I illustrates thag¢ residual savings measure misses actual
reported savings completely. This can likely belax@d by the fact that a number of larger
expenditure items, such as utilities for dwellings payments to persons outside the
household, are not collected.

Table C.1.Computed residual savings vs. reported savings€r2010 SHIW wave

This table shows descriptive statistics of the mted computed savings measure and reported saiinie
SHIW wave of 2010.

Statistic  Computed (residual) savings Reported savings

Mean 628 114
Min -3,965 -9,098
P1 -1,202 -1,137
P5 -468 -227
P10 -222 0
P25 64 0
P50 372 0
P75 924 152
P90 1,747 379
P95 2,361 758
P99 4,787 1,516
Max 39,668 37,910
Std.-dev. 1,198 699

Hence, we can only rely on the German data fordahalysis. We use financial savings, i.e.
the measure that we actually observe in the daturé C.1 compares the aggregated
financial savings rate calculated from SOEP with #verage savings rate provided by the
German Bundesbank, which is calculated from théonak account system and therefore
inherently weighted by income. Hence, the comparisbould be focused on the dashed

income-weighted average SOEP savings rate, whiainesoquite close to the black
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Bundesbank profile and moreover exhibits no systenwver- or underreporting. We can
conclude that our variable seems to be a reasopaig for financial savings.

Figure C.1.SOEP vs. Bundesbank financial savings rate

This figure compares the savings rate provided H®y Deutsche Bundesbank calculated from the national
account system with a weighted and unweighted geeBDEP saving rate.

Saving rate
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As stated in the main text, this variable is leftisored at zero, forcing us to econometrically
cope with this problem again. We use two differer@asures, i.e. log transformed savings
(with one added to be able to include zero saard)the savings rate. The results of random
effects Tobit regressions can be found in columysd (3) of Table C.II respectively. In the
log-savings regression we can see that savingagiyroncrease for all family sizes. This
translates into savings rate increases of morettitee percentage points for all families after

all children are gone.

Additionally, we employ a trimmed least-squaresnestor of Honoré (1992), that can non-
parametrically estimate censored fixed effects nwwaih left-censoring at zero. Results are
presented in columns (2) and (4). Even though stienator is only shown to perform well in

smaller samples, the general picture is still coméid, despite smaller magnitudes of the

coefficients and larger standard errors.



Table C.1I.Regressions on measures of savings for the Geratan d

40

This table shows regressions on German savingsuresadn the first two columns log financial sa\dng the
dependent variable, whereas the financial savimgs is the dependent variable in the last two cakim
Columns (1) and (3) present results of random &fféobit regressions, while columns (2) and (4) gegved
using a trimmed least squares fixed effects estim&t*, ** and * indicate statistical significancat 0.01, 0.05
and 0.10 level respectively. Standard errors ageqnted in parentheses.

Dataset
Model Type

Dependent variable

)
Germany (SOEP)

Random Effects Tobit

Log(Financial Savings)

@)

Germany (SOEP)
Trimmed Least SgsiardRandom Effects Tobit

Fixed Effects

Log(FaianSavings)

©)

(4)

Germany (BOEP Germany (SOEP)

Trimmed Least
Squares Fixed Effects

Financial Savings Rate Financial Sg/iRate

Move-out 1 of 1
Move-out 1 of 2
Move-out 2 of 2
Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
1 child

2 children

3 children

4+ children

Oldest child <13
Widowed
Separated/divorced
Married

Single

Female single

# add. adults
University degree
Unemployed
Self-employed
Retired

Home owner
Log(income)
Log(inc. fr. assets)

0.4717 (0.0715)"*
0.1524 (0.0658)**
0.5954 (0.0796)**
0.0024 (0.1179)
0.2963 (0.1313)**
0.9287 (0.1308)**
1.3856 (0.1603)***
-0.6431 (0.0534)%+
-1.1057 (0.0613)***
-1.8833 (0.0931)**
-2.5301 (0.1194)**
0.1221 (0.0449)**
0.1262 (0.0762)*
-0.3988 (0.0547)**
-0.1109 (0.0434)*
0.3036 (0.0572)%*
0.0112 (0.0611)
-0.2673 (0.0578)*+
0.3582 (0.0483)***
-1.3027 (0.0495)***
-0.5315 (0.0641)*+
-0.3190 (0.0527)**
-0.0802 (0.0355)*
3.3129 (0.0357)**
0.1219 (0.0071)**

0.247%0.1133)*
0.0448.0905)
0.4060.1122)*+
0.0066.1643)
0.132(0.1733)
0.56350.1890)***
0.292(0.3035)
-0.4970(0.0813)**
-0.81240.1052)*
-1.15620.1850)**
-1.04470.3198)*+
0.191(0.0646)***
0.02470.1226)
-0.1040.0958)
-0.13340.0628)*
0.32470.0879)**
-0.0543.1032)
-0.206.0884)*
0.317@.1060)***
-1.015(D.0607)***
-0.07080.0942)
-0.34950.0616)*+
-0.581@.0545)*+
3.12310.0518)**
0.014D.0079)*

0.0310 (0.0027)*
0.0107(0.0025)***
0.0311 (0.0030)***
0.0020(0.0045)
0.0141(0.0050)***
0.0383 (0.0050)**
0.0598(0.0062)***
-0.0356 (0.0020)***
-0.0547 (0.0023)***
-0.0798 (0.0036)**
-0.0981 (0.0046)**
0.0035 (0.0017)*
0.0113(0.0029)***
-0.0160(0.0021)***
-0.0012 (0.0017)
0.0220 (0.0022)**
-0.0070(0.0023)***
-0.0120 (0.0022)**
0.0214 (0.0018)***
-0.0440 (0.0019)**
-0.0168(0.0024)***
-0.0128 (0.0020)**
-0.0032 (0.0014)*
0.0948 (0.0014)*+
0.0037(0.0003)***

0.0283 (0.0053)**
0.0090 (0.0037)**
0.0261 (0.0049)**
0.0049 (0.0054)

0.0111 (0.0062)*

0.0283 (0.0071)**
0.0324 (0.0123)**
-0.0346 (0.0041)*+
-0.0502 (0.0053)*+
-0.0578 (0.0082)*+
-0.0505 (0.0132)***
0.0039 (0.0026)

0.0100 (0.0058)*

-0.0019 (0.0045)

0.0010 (0.0030)

0.0266 (0.0044)**
-0.0147 (0.0052)*+
-0.0098 (0.0040)*
0.0194 (0.0054)**
-0.0324 (0.0027)*+
-0.0036 (0.0044)

-0.0141 (0.0027)*+
-0.0272 (0.0027)*+
0.0750 (0.0030)***
-0.0010 (0.0004)*+

Age dummies yes yes yes yes
Year dummies yes yes yes yes
Cohort dummies yes no yes no
Constant -21.7921 (0.3475)*** -0.6213 (0.0132)***
Observations 111,158 109,238 111,158 109,238
Censored

Log-Likelihood -45,256 -41,184

Squared Loss 284,949 442

The

Italian SHIW data permits to distinguish betweaon-durables and durables
consumption. Table C.III illustrates the resultsl@nn (1) presents the results from the main
text for reference purposes. In column (2) resoittsron-durables are displayed. Coefficients
for move-outs are within close range of those ilumm (1) indicating that the results are
likely to primarily be driven by consumption on ndarables. This finding is supported by an
increase in the within-Rby 20 %. By contrast, only two move-out coeffidenare

statistically significant in regressions on durabnsumption. Nonetheless, all signs are
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negative as expected. A much loweT & compared to non-durables reinforces the earlier

conclusion of non-durables being the main driver.

Table C.lIl.Durables vs. Non-Durables Consumption in Italy

This table shows regressions on overall consumfipmon-durables (2) and durables (3) consumpt@mhort
dummies are time-invariant and hence omitted irfixedid effects regressions. ***, ** and * indicatgatistical
significance at 0.01, 0.05 and 0.10 level respebtivStandard errors are presented in parentheses.

Dataset
Model Type
Dependent variable

(1)
Italy (SHIW)
Fixed Effects
Log(consumption)

(2)
Italy (SHIW)
Fixed Effects
Log(non-dummable
consumption)

3)
Italy (SHIW)
Fixed Effect
Log(durables consumption)

Move-out 1 of 1
Move-out 1 of 2
Move-out 2 of 2
Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
1 child

2 children

3 children

4+ children

Oldest child <13
Widowed
Separated/divorced
Married

-0.0797 (0.0323)*
-0.0434 (0.0225)*
-0.0855 (0.0278)**
-0.0121 (0.0342)
-0.1326 (0.0343)***
-0.0851 (0.0411)*
-0.1801 (0.0532)***
0.1049 (0.0355)%**
0.1632 (0.0442)%*
0.2473 (0.0637)%**
0.2194 (0.0914)**
-0.0253 (0.0161)
-0.0459 (0.0391)
-0.0230 (0.0383)
0.0247 (0.0343)

-0.0838 (0.0307%*
-0.0653 (0.0196)**
-0.0719 (0.0248Y*
0.0009 (0.0313)
-0.1107 (0.0316Y*
-0.0806 (0.0370)*
-0.1470 (0TY*+
0.1549 (0.0265)**
0.2266 (0.0354)%**
0.2708 (0.0529)***
0.2820 (0.0764)***
-0.0263 (0.0141)*
-0.0584 (0.0340)*
-0.0390 (0.0324)
0.0120 (0.0293)

-0.3113 (0.2173)
-0.1470 (0.1602)
-0.1694 (0.1917)
384 (0.2615)
-0.5358 (0.2366)*
-0.0171 (0.2699)
-0.6385 (0.2830)*
-0.333(0.2549)
-B34 (0.3263)*
-®30 (0.4465)
-083 (0.6657)
0106 (0.1136)
-0.0373 (0.2324)
0.0835 (0.2447)
0.0098 (0.2175

Single -0.1181 (0.0326)*** -0.1390 (0.0289)*** -0.004(0.1931)
Female single -0.0314 (0.0379) -0.0255 (0.0342) 1003.2355)

# add. adults 0.0772 (0.0147)**= 0.0690 (0.0148)**= .2659 (0.1171)*
University degree 0.0243 (0.0447) -0.0083 (0.0407) 1889 (0.3148)
Unemployed -0.0135 (0.0229) -0.0205 (0.0206) 0.2353.340)*
Self-employed 0.0009 (0.0202) 0.0150 (0.0175) -0.118A.296)
Retired -0.0310 (0.0135)** -0.0237 (0.0120)** -0.1190.4879)
Home owner -0.0278 (0.0134)* -0.0242 (0.0121)* 62B (0.0850)*
Log(income) 0.2807 (0.0101)** 0.2558 (0.0094)** @a1 (0.0514)*+
Log(wealth) 0.0130 (0.0024)**=* 0.0103 (0.0023)*** 0760 (0.0122)**
Age dummies yes yes yes

Year dummies yes yes yes

Cohort dummies no no no

Constant 4.8931 (0.1127)* 4.8493 (0.0949)* -0.1368.6669)
Observations 27,556 27,556 27,451

R? (within) 0.1217 0.1463 0.0142

R? (between) 0.6639 0.6483 0.1524

R? (overall) 0.5342 0.5367 0.0805

D Alternative equivalence scales for per capita consumption

To test the robustness of the choice of our egenad scale, we subsequently present results

acquired with two alternative equivalence scalegahles D.l and D.Il. Our measure is based

on the equivalence scale of Citro and Michael (J99& simply additionally account for the

age of children and assume smaller economies ofe,ssnce we exclude housing
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consumption. In column (1) we display results asggliusing our own equivalence scale (see

formula 1) again, for reference purposes.
Column (2) presents results of using the origireabkion of Citro and Michael (1995), i.e.:

EQS(;y = (#Adults + 0.7 x #Children)®’ (2)

Column (3) displays results of regressions run @amsamption divided by the simple sum of

household residents as equivalence scale:
EQS(3) = #Adults + #Children 3)

We start with the Italian data in Table D.l. Magwiés of the coefficients vary substantially
with the choice of model. Coefficients from ther@iand Michael (1995) equivalence scale
(2) are slightly smaller, whereas simply dividing the number of household inhabitants
results in much larger coefficients. Nonethelesgardless of the choice of model, we get
highly significant increases in per capita consuamptfor almost any child moving out.
However, the second of three and the last of ftwidieen do not yield a significant effect in
column (2) anymore. Obviously, the larger the ecoies of scale are assumed to be, the
smaller the effect. Simply decreasing the scaldfictent by a tenth at a time does not result
in a significant increase in per capita consumpfmnany child moving out, once the scale

economies coefficient is down to 0.3.
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Table D.I.Different equivalence scales for Italian per cap@asumption

This table shows regressions on lItalian per capitasumption with different equivalence scales. @bho
dummies are time-invariant and hence omitted irfixedid effects regressions. ***, ** and * indicatgatistical
significance at 0.01, 0.05 and 0.10 level respebtivStandard errors are presented in parentheses.

1) 2 3)
Dataset Italy (SHIW) Italy (SHIW) Italy (SHIW)
Model Type Fixed Effects Fixed Effects Fixed Effect
Dependent variable Log(p.c. consumption) Log(ponistimption) Log(p.c. consumption)

Equivalence Scale (#adults + #children * min(age  (#adults + #children *

oldest child;18)/18)"0.8 0.7)"0.7

(#adults + #children)

Move-out 1 of 1
Move-out 1 of 2
Move-out 2 of 2
Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
1 child

2 children

3 children

4+ children
Oldest child <13
Widowed
Separated/divorced
Married

Single

Female single

# add. adults
University degree
Unemployed
Self-employed
Retired

Home owner
Log(income)
Log(wealth)

Age dummies
Year dummies
Cohort dummies

0.1231 (0.0326)*
0.1689 (0.0225)**
0.0922 (0.0282)**
0.1267 (0.0341)**
0.0763 (0.0347)*
0.1056 (0.0428)*
0.1517 (0.0555)***
0.0790 (0.0362)**
-0.0329 (0.0452)
-0.1476 (0.0662)*
-0.1693 (0.0920)*
0.1387 (0.0166)**
-0.0471 (0.0390)
-0.0394 (0.0385)
0.0220 (0.0345)
0.3823 (0.0343)**
-0.0730 (0.0378)*
-0.1324 (0.0153)**
0.0228 (0.0454)
-0.0196 (0.0230)
0.0014 (0.0203)
-0.0306 (0.0136)*
-0.0316 (0.0135)*
0.2628 (0.0101)**
0.0128 (0.0024)**
yes
yes
no

0.0975 (0.0321)**
0.1036 (0.0224)**
0.0727 (0.0279)**
0.0841 (0.0339)**
0.0098 (0.0343)
0.0821 (0.0420)*
0.0877 (0.0339

-0.1121 (0.0357)**
-0.2154 (0.0445)*++
-0.2690 (0.0642)*++
-0.3007 (0.0898)**
0.0360 (0.0162)**

-0.0566 (0.0390)
-0.0371 (0.0383)
0.0140 (0.0345)
0.3305 (0.0336)**
-0.0714 (0.0375)*
-0.1162 (0.0147)*
0.0249 (0.0442)
-0.0180 (0.0228)
0.0007 (0.0202)
-0.0324 (0.0135)*
-0.0296 (0.0134)*
0.2678 (0.0100)**
0.0131 (0.0024)**

yes
yes
no

0.2617 (0.0335)"
0.2168 (0.0228)**
0.2227 (0.0292)%**
0.1483 (0.0345)%*
W5 (0.0352)%+
2892 (0.0444)%*
0.3200 (0.0576)%**
-0.312(0.0360)***
-0224 (0.0453)*+*
@849 (0.0680)**
7292 (0.0939)**
0.0885 (0.0178)***
-0.0652 (0.0394)*
-0.0473 (0.0388)
0.0047 (0.9350
0.5112 .(B52)***
1600 (0.0386)**
-0.1822 (0.0159)***
2820 (0.0448)
-0.020M230)
0.0000204)
-0.0330.q137)**
809 (0.0135)*
®80 (0.0101)**
QB (0.0024)%+
yes
yes
no

Constant 4.2731 (0.1122)**+ 4.4874 (0.1126)*** 4.3370.1136)***
Observations 27,556 27,556 27,556

R? (within) 0.1009 0.0888 0.1377

R? (between) 0.5115 0.4990 0.5534

R? (overall) 0.3789 0.3631 0.4310

With the German data (Table D.ll) we also get miacher coefficients for the simple sum of
inhabitants equivalence scale (3). However, theoGind Michael (1995) equivalence scale
(2) yields larger coefficients on average. Nevdes® our qualitative results can be
confirmed with any scale. All coefficients are po&, economically large and highly
statistically significant. Moreover, summing up meout coefficients and children
coefficients by family size leads to an approximaeroing out in all specifications, i.e.

parents by and large catch up with their childlessrs in terms of per capita consumption
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after all children are gone. Decreasing the scaddficient by a tenth at a time again, we have

to go down to an economies of scale coefficienibasas 0.2, in order to get no significant

increase in per capita consumption for any child/img out.

Table D.II.Different equivalence scales for German per caggtsumption

This table shows regressions on German per capitsuenption with different equivalence scales. **and *
indicate statistical significance at 0.01, 0.05 ahdO level respectively. Standard errors are mtesein

parentheses.

(€] 2 ®3)
Dataset Germany (SOEP) Germany (SOEP) Germany (POEP
Model Type Random Effects Tobit Random Effects Tobit Random Effects Tobit

Dependent variable
Equivalence Scale

Log(p.c. consumption)
(#adults + #children * min(age
oldest child;18)/18)"0.8

Log(ponistimption)

(#adults + #children *

0.7)%0.7

Log(p.c. consumption)

(#adults + #children)

Move-out 1 of 1
Move-out 1 of 2
Move-out 2 of 2
Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
1 child

2 children

3 children

4+ children

Oldest child <13
Widowed
Separated/divorced
Married

Single

Female single

# add. adults
University degree
Unemployed
Self-employed
Retired

Home owner
Log(income)
Log(inc. fr. assets)
Age dummies
Year dummies
Cohort dummies
Constant

0.1043 (0.0077)*
0.1516 (0.0074)*
0.1068 (0.0089)***
0.0991 (0.0129)%**
0.1995 (0.0145)%**
0.1196 (0.0142)%*
0.3955 (0.0162)**

-0.0877 (0.0058)***
-0.2765 (0.0066)***
-0.4021 (0.0098)***
-0.3981 (0.0118)***
0.1534 (0.0050)***

-0.0204 (0.0081)*

-0.0444 (0.0056)**

-0.0246 (0.0047)%
0.4586 (0.0062)***
-0.0613 (0.0064)*+
-0.1863 (0.0065)*+
-0.0949 (0.0048)*+
0.0127 (0.0052)**
0.0020 (0.0069)
0.0433 (0.0060)***
-0.1320 (0.0038)**
1.0706 (0.0039)*+
0.0016 (0.0008)**
yes
yes
yes
-1.5806 (0.0365)***

0.1831 (0.0076)"*
0.1184 (0.0073)**
0.1762 (0.0088)**
0.0876 (0.0128)**
0.1478 (0.0144)%*
0.1763 (0.0141)%*
0.3854 (0.0)8%

-0.1993 (0.0058)**
-0.3458 (0.0065)***
-0.4263 (0.0097)*+
-0.4079 (0.0117)*+
-0.0232 (0.0058)*

-0.0295 (0.0080)***
-0.0406 (0BPOS"

-0.0322 (0.0047)*+
0.3995 (0.0061)**
-0.0492 (0.0063)***
-0.1695 (0.0064)***
-0.0976 (0.0p%8
0.0167 (0.0051)**
0.0009 (0.0069)
0.0380 (0.0059)**
-0.1273 (0.0038)***
1.0815 (0.0038)**
0.0008 (0.0p08

yes
yes
yes
-1.4241 (0.0362)**

0.3922 (0.0077)"*
0.2370 (0.0074)**
0.3827 (0.0089)***
0.1589 (0.0129)***
0.2612 (0.0145)%*
0.4032 (0.0142)**
0.7494 (0.0163)***
-0.8D (0.0058)*+
/799 (0.0066)**
8BY0 (0.0099)***
0:7957 (0.0119)***
-0.0150 (0.0050)**
-0.0261 (0.008%
-0.0509 (0.0056)**
-0.03 (0.0047)**
0.5855 .QD62)**
-0.0775 (0.0064)*+
-0.2373 (0.0065)*+
-0.1005 (0.0049)***
0.@120.0052)*
0.00680(70)
0.0400 .Q060)***
AR78 (0.0038)%**
788 (0.0039)%+
0.0009 (0.0008)
yes
yes
yes
-13¥ (0.0368)**

Observations
Censored share
Log-Likelihood

111,158
20,430
-46,589

111,158
20,525
-45,683

111,158
20,420
-46,620
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E Interaction Analysis

In an attempt to identify mediating factors as wasl to further test the robustness of the
model, a number of interaction variables are addethe right-hand side of the regression
equation. These interactions concentrate on thechalsl exiting in order to keep the number

of coefficients manageable. We confine the analystie German data.

Table E.I gives an overview of the number of aeobbservations for each interaction term.
“xUniversity degree” takes on the value one, if thst child of a family whose household
head has a university degree has moved out on@@ years ago. Similarly, “xHomeowner”
means that a household is the owner of their dagelind has all their children living outside
the household. “xRich” refers to the household bgiog to the top quartile in terms of
income from assets, “xParents split” takes on thiees one, when the move-out of the last
child coincided with a separation of the parentddigh income” (“xLow income”) means
that the household belongs to the top (bottom)tdean terms of income for the respective
age group. It is important to make the latter ddion, because we thereby separate the
income effect from age effects, i.e. older housghqossibly being further along the career
ladder. “xYoung@move-out” (“xOld@move-out”) accosiribor whether the household head
was younger (older) than 75 % of all household ke#dhe same family size at the time of
the move-out of the last child. Again, the distiontby family size cannot be neglected, since
single child families are naturally very likely b2 younger when their last (and only) child
leaves than four-children families. The sample ©fdhe interaction analysis is reduced,
because all observations where the move-out iselbt observed, need to be dropped, as it is
not possible to determine characteristics likedbe of the parents at the time of the move-
out. For the sake of the number of affected intesacdummies to be sufficiently large for

reliable inference, they are only interacted wititeqear lagged state dummies for the last
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child exiting the household. After reduction of tekample, there are 13,827 observations
where the latter takes on the value one.

Table E.l.Number of affected observations for different iatgtion terms

The table displays the number of observations wiieeelast child has moved out and the criterion tfor
respective interaction term (indicated with a legdi) is met at the same time.

Variable Last child has moved outxUniversity degree xHomeowner xRich xParents split
# Obs. 13,827 2,620 6,656 2,849 618
Variable xHigh income xLow income xYoung@move-out xOld@move-out

# Obs. 1,347 2,926 3,247 3,313

Table E.IlI presents the results. First and forem®atn with this large body of interactions,
the move-out coefficients remain statistically #iigant and even increase in magnitude,
which constitutes strong evidence in favor of tbeustness of the results. Including the
interaction terms is statistically significant, iadicated by the likelihood ratio test in the last

row of the table.

Furthermore, we get four significant interactiomnis. First, if the parents belong to the
youngest quartile at move-out for their respectiamily size, their effect is diminished
significantly. This would be in line with the reasog in Coe and Webb (2010),

hypothesizing that retirement is too far in thaufetto be relevant for these households.

Second, homeowners exhibit the largest decreaeeimove-out effect accompanied by the
smallest standard error. This can be viewed asonedde, since they generally have
accumulated a lot of wealth in their house and equently worry less about adequate
resources for retirement. Considering the increasagnitude of the move-out coefficients,
we may conclude that the effect is much strongerdaters than it is displayed in the main

results. The effect there is biased downward byatge number of homeowners.
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Table E.ll.Interaction analysis with German data

This table shows regressions on German log consompZolumn (2) includes a number of interactionris,
whereas column (1) represents the baseline spatodficwith an adjusted number of observations lmaafor a
comparison between the two models. ***, ** and tlicate statistical significance at 0.01, 0.05 aridQevel

respectively. Standard errors are presented impases.

Dataset
Model Type
Dependent variable

1)
Germany (SOEP)
Random Effects Tobit
Log(consumption)

(2)
Germany (SOEP)
Random Effects Tobit
Log(consumption

Move-out 1 of 1
Move-out 1 of 2
Move-out 2 of 2
Move-out 1 of 3
Move-out 2 of 3
Move-out 3 of 3
Move-out last of 4+
xold@move-out
xyoung@move-out
xuniversity degree
xowner

xhigh income
xlow income

xrich

xparents split

1 child

2 children

3 children

4+ children

Oldest child <13
Widowed
Separated/divorced
Married

Single

Female single

# add. adults
University degree
Unemployed
Self-employed
Retired

Home owner
Log(income)
Log(inc. fr. assets)
Age dummies
Year dummies
Cohort dummies
Constant

-0.0455 (0.0086)**
-0.0418 (0.0072)%+
-0.0514 (0.0096)*+
-0.0106 (0.0125)

-0.0310 (0.0140)*
-0.0466 (0.0164)%+
-0.0534 (0.0217)*

0.0392 (0.0057)***
0.0522 (0.0065)**
0.0872 (0.0096)**
0.0824 (0.0115)**
-0.0322 (0.0049)***

-0.0463 (0.0089)**

-0.0280 (0.0056)***

-0.0328 (0.0049)***

-0.0492 (0.0064)*+
-0.0063 (0.0067)
0.0039 (0.0067)

-0.1008 (0.0050)***

0.0236 (0.0052)**
-0.0009 (0.0070)
0.0437 (0.0066)**
-0.1446 (0.0040)**
1.1036 (0.0041)**
-0.0013 (0.0008)

yes

yes

yes
-1.1363 (0.0396)***

-0.0754 (0.0117*
-0.0422 (0.0072)*
-0.0837 (0.0126)*
-0.0111 (0.0125)
-0.0319 (0.0140)*
-0.0780 (0.018%*
-0.0861 (0.833*
0.0107 (0.0117)
0.0396 (0.0119)***
-0.0040 (0.0117)
0.0508 (0.0094)***
-0.0439 (0.0152)***
0.0141 (0.0117)
0.0004 (0.0090)
-0.0757 (0.0220)**
0.0397 (0.0057)**
0.0535 (0.0065)***
0.0885 (0.0096)***
0.0830 (0.0115)***
-0.0325 (0.00%9)
-0.0473 (0.0089)***
-0.0255 (0TO%"
-0.0319 (0.0049)**
-0.0466 (0.0065)%*
-0.0080 (0.0067)
0.0038 (0.0067)
-0.0997 (0.0952
0.0237 (0.0052)%**
-0.0013 (0.0070)
0.0429 (0.0066)***
-0.1510 (0.0042)**
1.1053 (0.0041)%+
-0.0014 (0.0009
yes
yes
yes
-1.1477 (0.0398)***

Observations
Censored share
Log-Likelihood
LR-Test:X? (8 d.f.)

94,538
17,625
-36,863

94,538
17,625
-36,836
54.1% ***

Third, high income households exhibit a strongersconption drop after their children leave.
A possible explanation may be that they have spemt of their income on children in the

first place and are thus able to save more ongeateegone.
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Fourth, if the move-out of the last child coincideith a separation or divorce of the parents,
the drop in consumption is amplified, i.e. over ave any income effect accompanied by

this change that should already be captured biotheacome variable.

F Support paymentsto vs. from children

In Table F.l we display some statistics of paymémis parents to their non-resident children
and the other way around, i.e. children supportiteyr parents. This information is available
only in the German data. It becomes apparent tieafarmer channel clearly dominates, with

larger prevalence and larger average payments.

Table F.I.Support payments to and from non-resident children

This table shows statistics of payments to nordeggichildren and payments from children to thairepts. We
take into account that everyone has parents bugv@ione has children. Hence, percentages in 20®s5 and
6 in the first column are divided by number houddbor observations with children and in the secooldmn
by the number of all households or observationsnistent” in the fourth column means one changjégtion
or termination) in support or two changes in suppoth the first being an initiation of paymentshd measures
in the last two rows are conditional on paymeniadgreater than zero.

Payments to children Payments from children
# of Obs 11,674 2,785
% of Obs 12.53 % 2.51%
% of HH 32.71 % 7.13%
% of HH with consistent support 24.75 % 571 %
Mean 38.77 € 3.62€
Median 0.00 € 0.00 €
Conditional mean 299.38 € 144.57 €
Conditional median 188.00 € 86.00 €

Furthermore, we regress lagged move-out dummigsedfst child moving out and a number
of control variables on log payments to non-residgnildren (Table F.1l). Thereby, we can
test our hypothesis, that university graduates supineir children more extensively and
longer, as their offspring has a higher likelihoodalso going to university. The results
clearly support this hypothesis. Move-out coefintge for university graduates are almost

twice as large as those for non-graduates and thexalistinct drop after the fourth year to
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their permanent reaction (t-5+). In contrast, noadgates experience a gradual decrease from
the beginning with the largest drop from the thodhe fourth year post move-out.

Table F.Il.Regression on log payments to non-resident children

This table shows regressions on log payments teresident children in the German data. ***, ** arid
indicate statistical significance at 0.01, 0.05 ahdO level respectively. Standard errors are mtesein

parentheses.

Dataset
Model Type
Dependent variable

(1)
Germany (SOEP)
Fixed Effects

Log(payments to non-residemdrem)

Last move-out(t) x no uni
Last move-out(t-1) x no uni
Last move-out(t-2) x no uni
Last move-out(t-3) x no uni
Last move-out(t-4) x no uni
Last move-out(t-5+) x no uni
Last move-out(t) x uni

Last move-out(t-1) x uni
Last move-out(t-2) x uni
Last move-out(t-3) x uni
Last move-out(t-4) x uni
Last move-out(t-5+) x uni
2 children

3 children

4+ children

Oldest child <13

Widowed
Separated/divorced
Married

Single

Female single

# add. adults

University degree
Unemployed
Self-employed

Retired

Home owner

Log(income)

Log(inc. fr. assets)

0.4376 (0.0387)"*
0.3993 (0.0466)**
0.3686 (0.0482)**
0.3148 (0.0500)**
0.1931 (0.0517)**
0.1345 (0.0445)%*
1.1961 (0.0684)%
1.0349 (0.0763)**
0.8583 (0.0813)**
0.8324 (0.0844)**
0.8503 (0.0876)**
0.4996 (0.0680)***
-0.0468 (0.0359)
-0.0941 (0.0584)
-0.0157 (0.0943)
0.1181 (0.0234)**
0.0621 (0.0621)
0.2776 (0.0448)**
-0.1074 (0.0322)***
0.3191 (0.0529)**
-0.3409 (0.0563)***
-0.0605 (0.0302)*
-0.1017 (0.0612)*
-0.0774 (0.0243)%+
-0.0392 (0.0401)
-0.0713 (0.0322)*
-0.0432 (0.0261)*
0.1642 (0.0239)**
0.0138 (0.0044)**

Age dummies yes

Year dummies yes

Cohort dummies no
Constant -0.5142 (0.3687)
Observations 68,433

R? (within) 0.0304

R? (between) 0.1343

R? (overall) 0.0894

G Explaining children moving out

We attempt to explain children’s move-outs by emplg fixed effects Logit models on a
variable that takes on the variable one in the waefere the child moves out. Our control

variables are similar to the ones used above buddelog savings and consumption as well
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as linear and squared variables for the age obldhest child in the household as a proxy for

the age of the child that will eventually move antl the household head’s age.

We exclude all move-outs that happen after the @ihsld has moved out. That way, we
observe zeroes in the dependent variable untipéred before a move-out is going to take
place, i.e., when the dependent variable taket®wdlue one. Table G.1 displays the results.
Age of parents and children seem to be the maierahants of first children moving out.
This result is intuitive. There are few other meaful significant relations in the Italian data.
Positive income and consumption shocks lead taglaehiprobability of a child moving out in
the next period. In the German data, female houdeieads becoming single also raise the
likelihood of the first child moving out.

Table G.l.Fixed effects Logit regressions on move-out ofdreih

This table shows coefficient estimates of fixeceef$ Logit regressions on a dummy variable thaggadn the
value 1 if a child moves out in the following ye#r*, ** and * indicate statistical significance &.01, 0.05 and
0.10 level respectively. Standard errors are pteden parentheses.

Dataset
Model Type
Dependent variable

1)
Italy (SHIW)
Fixed Effects Logit
Move-out in t+1

2
Germany (SOEP)
Fixed Effects Logit
Move-out in t+1

Age (oldest) child 2.2696 (0.2518)*** -0.5155 (oQm)***
Age (oldest) child -0.0171 (0.0034)*** 0.0217 (0.0030)***
Age household head -1.2667  (0.3216)** 3.6622 (6%
Age household he&d 0.0026 (0.0025) -0.0237  (0.0028)***
Log(income) 1.1630 (0.4082)*** -0.0622 (0.4361)
Log(wealth) -0.0417 (0.0645) -0.0718  (0.0485)
Log(fin. saving) 0.0038 (0.1233) 0.0160 (0.0318)
Log(consumption) 0.4672 (0.2708)* 0.1257 (0.2286)
Single -0.0070 (1.0691) -0.7607  (0.9458)
Female single 0.3837 (1.2741) 4.0105 (1.0544)**
# add. Adults -0.5236  (0.3499) -0.6725 (0.4110)

1 child -29.2938 (2245.3603) -48.2439 (1904.2669)
2 children -14.0991 (2010.9279) -28.9541 (1493.8347
3 children -13.6953 (2010.9277) -14.2717 (1142.3613
Married -0.4048 (1.5476) -0.8382 (0.4921)*
University degree -0.1244 (1.1151) -1.4269 (1.0783)
Unemployed -0.1240 (0.6832) 0.1906 (0.2916)
Self-employed -0.4889 (0.4876) 0.1033 (0.5280)
Retired -0.0596 (0.2952) -0.1970 (0.4616)
Home owner 0.3627 (0.4514) 0.1039 (0.5257)
Separated/Divorced 0.0018 (1.5578) -0.4423 (0.3774)
Widowed -1.6757 (1.6269) -0.5299 (0.8063)
Credit constrained 0.1052 (0.4793)

Observations 3,125 8,380

Households 809 1,460

Log-Likelihood -396 -712
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The absence of significance or meaningful relationthe financial variables suggests that a
story of parents kicking their children out dudit@ncial problems cannot be supported with
this data. We neither find a negatively significagationship for income or wealth, nor do

the coefficients for unemployment or credit constiaexhibit statistical significance.
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